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A second-order shape optimization algorithm for solving
the exterior Bernoulli free boundary problem using a new
boundary cost functional
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Abstract The exterior Bernoulli problem is rephrased into a shape optimization
problem using a new type of objective function called the Dirichlet-data-gap cost
function which measures the L2-distance between the Dirichlet data of two state func-
tions. The first-order shape derivative of the cost function is explicitly determined via
the chain rule approach. Using the same technique, the second-order shape derivative
of the cost function at the solution of the free boundary problem is also computed.
The gradient and Hessian informations are then used to formulate an efficient second-
order gradient-based descent algorithm to numerically solve the minimization prob-
lem. The feasibility of the proposed method is illustrated through various numerical
examples.

Keywords Bernoulli problem - Domain perturbation - Free boundary - Shape
optimization - Shape derivative.

1 Introduction

In this note, we are interested in the so-called Bernoulli’s free boundary problem
(FBP). The problem, which is considered as the prototype of a stationary FBP and
is called in some literature as the Alr-Caffarelli problem (see [1]), find their origin in
the description of free surfaces for ideal fluids [37]. There are, however, numerous
other applications leading to similar formulations, for instance, in the context of op-
timal design, electro chemistry and electro statics (see [36] and also [35] for further
industrial applications).
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Bernoulli problem can be classified into two cases, namely, the exterior Bernoulli
FBP and the interior Bernoulli FBP. Here, we focus our attention on the former case.
In the exterior problem, a bounded and connected domain A ¢ R? with a fixed bound-
ary T’ := 0A and a constant A < 0 are known or given. The task is to find a bounded
connected domain B ¢ R? with a free boundary T := 0 B, B contains the closure of A,
and an associated state function u := u(Q), where Q = B\ A, such that the following
overdetermined system of partial differential equations (PDEs) is satisfied:

—Au=0inQ, u=1onT, u=0 and Jdhu=AonZ. @))

Here, Ohu := Vu - n denotes the normal derivative of u and n represents the outward
unit normal vector to X.

The presence of two boundary conditions imposed on the exterior boundary X
makes the problem difficult to solve. Nevertheless, it is known that (1) admits a clas-
sical solution for simply connected bounded domain Q, for any given constant A < 0.
In addition, the shape solution Q* is unique for bounded convex domains A [36] and
the free boundary X* is c2a regular (see [47, Theorem 1.1]).

Our main intent in this work is to numerically solve (1) by performing a novel
iterative second-order gradient-based optimization procedure. Our approach relies on
the method known as shape optimization (see, e.g., [22,46,71]) which is already an
established tool to solve such a free boundary problem. The main idea of the said
technique is to reformulate the original problem into an optimization problem of the
form

ngn Jo(Qu()) subjectto e(u(Q)) =0, 2)

where Jy denotes a suitable objective functional that depends on a domain Q as well
as on a function u(€2), which is the solution of a partial differential equation e(u) = 0
posed on Q.

There are different ways to write (1) in the form of (2). A typical approach is to
choose one of the boundary conditions on the free boundary to obtain a well-posed
state equation, and then track the remaining boundary data in a least-squares sense.
Such formulation has been carried-out in several previous investigations; see, for in-
stance, [31,32,41,44,50,65,66]. Alternatively, one can consider an energy-gap type
cost function which consists of two auxiliary states; one that is a solution of pure
Dirichlet problem and one that satisfies a mixed Dirichlet-Neumann problem (see,
e.g., [9,10,11,12,33]). The objective function used in such formulation is sometimes
called the Kohn-Vogelius cost functional since Kohn and Vogelius [53] were among
the first who used such a functional in the context of inverse problems. Mathemati-
cally, these aforementioned formulations are given as follows:

Dirichlet-data-tracking approach
1
inJ;(X) = min = 2d
mgin 1(X%) mQ;HZLMN loa

where the state function uy := un(Q) is the solution to the mixed Dirichlet-
Neumann problem

—Aun =0in Q, un=1onT, Opun = A on X; 3)
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Neumann-data-tracking approach

1
inJ>(X) = min —
mén 2 (2) ménzf

z

where the state function up := up(Q) is the solution to the pure Dirichlet problem
—Aup =0in Q, up=1lonT, up=0onZX; 4)

Energy-gap type cost functional approach
1

in3(Q)=min= | |V(ux—up)|*d

min J3(2) ngnzf9| (un —up)|* dx

where the state functions un and up satisfy systems (3) and (4), respectively.

In this study, one of our main objectives is to introduce yet another shape op-
timization reformulation of (1) which, to the best of our knowledge, has not been
studied in any previous investigation. Similar to the cost functional J3, we make use
of a cost function consisting of two auxiliary states un and ug:

. _ 1 2
ngn](E):ngnzfsz—uRl do, 4)

where the state function uy is the solution of (3) and ugr := ur(Q) satisfies, for a
given strictly positive (constant) 3, the following equivalent form of (1) with a Robin
boundary condition:

—Aug =01in Q, ug=1onT, Opur + Bur = A on X. (6)

Clearly, if (1,Q) is a solution of (1), then un = ur = u; therefore, J(X) = 0. Conversely,
if J(Z) =0, then ux = ur on X. Hence, the equation 0, (un —ur) = Bur =0 on X and
the assumption S > 0 implies that ug = un = 0 on Z. Consequently, u = un = uR is a
solution of problem (1). We remark that, in the limiting case as 8 goes on infinity, the
PDE system (6) transforms into the pure Dirichlet problem (4) (this means that ug =0
on X), leading us to recover from (5) the classical Dirichlet-data-tracking formulation
of the FBP (1).

We stress that the formulations presented above can also be applied to Poisson
problems with overdetermined non-homogenous (sufficiently smooth) boundary con-
ditions. Here, however, we only inspect the free boundary problem (1) in order to
simplify the discussion.

Motivation Our reason for considering the new cost functional J(X) stems from
several previous related works. In the study carried out in [67], we have considered
the cost functional J, with a different state constraint problem. More precisely, we
replaced the state variable up with ugr which is the solution of the mixed Dirichlet-
Robin problem (6). We found that such modification of the problem setup actually
yields more regularity in the solution of the associated adjoint state problem. In
fact, the adjoint state associated to the shape optimization problem “ming % || Ontr —
A IIi2 © subject to (6)” enjoys the same degree of regularity (depending of course on
the regularity of Q) with that of ug. Also, we observed, through various numerical
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examples, that this new state constraint yields faster and more stable convergence
of the approximate solution to the exact solution (both in case of the exterior and
interior Bernoulli FBP) than the classical setting “ming%HanuD - /l||i2 © subject
to (4).” On the other hand, in [68], we proposed a modification of the energy-gap
cost functional approach for the exterior Bernoulli FBP (1). The optimization prob-
lem we put forward in (1) utilizes a similar functional to J3, but, instead of (4), we
took ur as one of the state constraints. More precisely, we considered the problem
“ming J4(Q2) = ming %|uR - MN|?11(Q), subject to (3) and (6)” (where |- |1 ) denotes
the H'(Q)-seminorm; that is, | - It = IV()lL2(q)) as a shape optimization refor-
mulation of (1). We emphasize that under this formulation, and assuming appropriate
conditions on the Robin coefficient 8 as well as on the exterior boundary X, we
were able to express the first-order shape derivative of J; at Q along a given defor-
mation field in terms of just the state constraint uy. This in turn allowed us to also
reduce the number of PDE constraints to be solved when applying a second-order
method to numerically resolve the free boundary problem (1) (see Proposition 1 and
Corollary 2 in [68]). We stress that such reduction in the number of constraints in
the optimization setup is certainly advantageous in terms of numerical aspects. In-
deed, the numerical results presented in [68] show that the proposed modification
requires less computing time per iteration to numerically solve (1) than the classi-
cal formulation “ming %|uD - uN|?{] @ subject to (3) and (4)” (as expected). Mean-
while, in a related problem, Laurain and Privat [55] examined a shape optimization
formulation of a Bernoulli-type problem with geometric constraints. In their work,
the domain €, which is simply connected, is constrained to lie in the half space de-
termined by x; > 0. The boundary of the solution domain is also forced to contain
a segment of the hyperplane {x; = 0} where a non-homogeneous Dirichlet condi-
tion is imposed. Then, the authors seek to find the solution of a partial differential
equation satisfying a Dirichlet and a Neumann boundary condition simultaneously
on the free boundary. The cost function examined by the authors in [55] has the
form J5(Q) := ||lug, —uy ||i2 @ where u; ¢ satisfies a mixed Dirichlet-Robin bound-
ary problem while u; is a solution of a pure Dirichlet problem. Here, u, . has the
property that “up o — us as € = 0,” where u; is the unique (weak) solution of a mixed
Dirichlet-Neumann problem. We point out here that, as opposed to the formulation
minimizing J4 whose first-order shape derivative only depends on uy (under appro-
priate conditions on § and the exterior boundary X), the cost function Js actually has
a first-order shape derivative that depends on the solutions of four PDEs (two state
problems and two adjoint state problems).

Besides the above statements, we mention that minimizing J4 () over the set of
admissible domains Oy (see Section 4) of Q is, to some extent, equivalent to finding
the optimal shape solution to the optimization problem “ming J(X) subject to (3)
and (6),” and we explained it as follows. Firstly, for convenience, let us introduce
the notation “<”. This means that if P < Q, then we can find some constant ¢ > 0
such that P < c¢Q (obviously, Q > P is defined as P < Q). Then, for an open bounded
domain Q c R? with Lipschitz boundary (in this study, we shall in fact assume that
Qis C>! regular), the inequality ||v||;29q) S lIVIlg1(q) holds, for all v € H'Y(Q). We
note that this bound clearly exhibits the compact embedding of H 1(Q) in L2(8Q)
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(see [56, p. 159]) and it actually follows from the well-known trace theorem (see,
e.g., [57, Theorem 3.3.7, p. 102], [59, Theorem 5.5, p. 95]) coupled with the compact
embedding of H'/2(4Q) in L*(dQ) (cf. [69, Theorem, 2.5.5, p. 61]). Moreover, it is
not hard to see from this result that we also have the relation ||v|| 2y S IVIIg1(q)-
This inequality shows that the set Hll,o(Q) ={ve H'(Q):v =0onT} is strongly
closed in H'! () and, in addition, a convex set. From [19, p. 54], for instance, we
know that strongly closed convex sets are also weakly closed (see also [17, Lemma
3.1.15, p. 119]). Hence, the weak convergence v,, — v implies that v is in fact in
the same set Hll,o(g)' Furthermore, we note that we may actually prove (following
the proof of [43, Lemma 2.19, p. 62]) that |v|g1q) = IVVIlL2) 2 IVIlg1(q), for all
VE Hll,o(Q)' We note that this bound in fact shows that the H'(Q)-seminorm |- |1 ©
is actually equivalent to the H'!(€2)-norm on H%’O(Q). Lastly, we mention that we can
also verify, possibly by way of contradiction, that the norm

) 1/2

(1.2 2
et @ = (I gy + 1 ey s
on the other hand, is equivalent to the usual Sobolev H 1(Q)—norm. Thus, by these
results, taking v = ux —uR € H} 0(Q), we can deduce the sequence of inequalities

2 2 2 2
”uN_uR”Lz(z) < |MN_MR|H1(Q) + ”uN_uR”LZ(Q) < |MN_MR|H1(Q)'

It should also be recognized that the above relation is a mere consequence of the
inequality ||un — ”R”i?@) < lun - uRIIqu/M(Q) which holds true for any & > 0 due
to the trace theorem. This observation further gives us the motivation to consider
minimizing J(X), subject to (3) and (6), over the set of admissible domains for Q to
numerically solve the free boundary problem (1).

The minimization problem (5) can be carried out numerically using different com-
putational strategies [67]. Standard algorithms to minimize J utilizes some gradient
information when using a first-order method and also uses the Hessian when applying
second-order methods. So, in order for us to accomplish our main objective, we first
need to carry out the sensitivity analysis of the cost functional J(Q) with respect to a
local perturbation of the domain Q. Accordingly, we derive the first- and the second-
order shape derivative of J through chain rule approach. This method requires, be-
forehand, the expressions for the shape derivatives of the states un and ugr. Of course,
there are other ways to obtain the shape derivative of J such as through a technique
used in [33]. However, the method employed in [33] by the authors, which was in-
spired by [25,26], restricts the results to starlike domains. Another method could be
to use only the Eulerian derivatives [22] of the states and follow [12], or apply the
so-called rearrangement method, first used in [51], to obtain the shape derivative of
J. We emphasize that the former approach applies not only to starlike domains but
also to more general C*® domains. On the other hand, the rearrangement method
provides a rigorous computation of the shape derivatives of cost functionals using
only the Holder continuity of the state variables, bypassing the computation of the
material and shape derivatives of states (see, e.g., [10,44,50]). Further, this method
requires less regularity of the domain than in the case when applying the classical
chain rule approach. Here, we opted to apply the chain rule approach since the shape



6 Julius Fergy T. Rabago, Hideyuki Azegami

derivatives of uny and ur are already available in the literature (see, e.g., [1 1] and
[72], respectively). In addition to these previously mentioned techniques, we remark
that the shape gradient of J can also be computed using the well-known minimax
Sformulation developed in [20]. Similar to the rearrangement method, this strategy in
computing shape derivatives of cost functionals does not require the knowledge of
the shape derivative of the states as it naturally introduces the use of adjoint states to
derive the expression for the shape derivative of the cost; see, for instance, [65,066].

The plan of the paper is as follows. In Section 2, we describe the weak formula-
tions of the state equations and briefly discuss the existence, uniqueness and regular-
ity of their solutions. In Section 3, we recall a few basic concepts from shape calculus
and give the shape derivatives of the states. Then, we compute the first-order shape
derivative of the cost J through chain rule approach followed by the computation
of its corresponding second-order shape derivative at the solution of the free bound-
ary problem (1). Also, we shortly discuss about the ill-posedness of the proposed
shape optimization formulation by inspecting the shape Hessian form at a critical
shape. Meanwhile, in Section 4, we examine the existence of optimal solution to
the minimization problem under consideration. After that, in Section 5, we describe
how the gradient and Hessian informations can be utilized in formulating an efficient
boundary variation algorithm to numerically solve the present optimization problem.
Finally, we demonstrate the feasibility of the newly proposed shape optimization ap-
proach by solving some concrete problems. Also, to illustrate the efficiency of the
proposed method, we compare our numerical results with the results obtained by the
classical Dirichlet-data-tracking cost functional approach. We end the paper with a
brief conclusion given in Section 6.

2 Preliminaries

We first review an essential quality of the state solutions which is vital in guaranteeing
the existence of their shape derivatives.

2.1 Weak formulation of the state equations

The respective variational formulations of the state problems (3) and (6) are stated as
follows.

Find uy € H'(Q), with uy = 1 on T, such that
f Vun - Vedx = f/lcpd(r, Vo € H ((Q); (7)
Q b ’
Find ug € H'(Q), with ug = 1 on T, such that

fVuR-thdx+fﬂuR<pd0':f/hpd0', Vo € HE ,(Q), (8)
Q b z ’
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where Hrl o(€2) is the space of test functions in the introduction. It is well-known that

the variational equation (7) admits a unique solution in H 1(Q), while it can easily be
verified (for instance, by means of Lax-Milgram theorem) that (8) also have a unique
solution in H(Q) (see [39,58]).

Remark 1 We emphasize that since 8 > 0, then uniqueness of weak solution ur €
H'(Q) is guaranteed for the mixed Robin-Dirichlet problem (6). Moreover, we note
that we may actually consider § to be a function on X instead of just being a positive
constant. In this case, however, we require S := B(x) to be at least an L™ function
on X (i.e., S € L*(X)) and be positive almost everywhere in the free boundary to
ensure uniqueness of weak solution to (6) (cf., e.g, [58, Lemma 7.36.3, p. 617]). In
this regard, we mention here in advance that in Section 3, we will in fact consider the
mean curvature of the free boundary X as the function . Evidently, 8 = « belongs to
L>(X) because of Rademacher’s theorem (recall that Q, by assumption, is C>! reg-
ular). Hence, the first mentioned requirement for existence of unique weak solution
to (6) is satisfied, however, the condition that x(x) > 0 on X only holds for convex
domains. Nevertheless, this is not an issue when the domain A (whose boundary is
represented by I') is convex because, according to [48, Theorem 2.1] (and the refer-
ences therein), when A is convex, then so is the unique solution domain Q* to the free
boundary problem (1).

2.2 Higher regularity of the state solutions

The unique solution uy of the PDE system (3) actually possesses higher regularity if
Q is assumed to be at least C"! regular. In fact, the solution is also in H>(Q) in this
case, and in general, if Q is of class Ck+L1 \where k is a non-negative integer, then uy
is H**? regular. This claim can easily be verified since the fixed boundary I" and the
free boundary X are disjoint, (see, e.g., [10, Theorem 29]). Analogously, the unique
solution ug € H'(Q) of (6) also have higher regularity depending on the degree of
smoothness of Q. More precisely, if Q is of class CK*I'! (again k is a non-negative
integer), then ug is also an element of HF2(Q) (see, e.g., [52, Remark 3.5]). For
more details about existence and uniqueness of solutions to mixed Robin-Dirichlet
problems in W2 for bounded domains in RY, we refer the readers to [58, Section
7.36].

3 Shape Sensitivity Analysis of the States and Cost Function

Let us consider a bounded and connected domain U D Q and a family of deformation
fields

@:={VeC*(URY):V=00ndUUT}. 9)

Clearly, every V € ® forces I to remain invariant after a deformation since V vanishes
on I'. Hence, I is a component of the boundary of any perturbation of Q. In this work,
every admissible perturbation of the reference domain Q is described as follows.
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Given an element of ®, we perturb Q by means of the so-called perturbation of the
identity operator (see, e.g., [22, Section 2.5.2, p. 147] or [10]):

T, : Q+— Q, x+— Ty (x) =x+1tV(x).

For sufficiently small ¢ and for each V € @, the operator 7, can be shown to be a C>!
diffeomorphism from Q onto its image (cf. [71]).
With the above definition of Q, :=T; (), the state solutions un;, and ug, satisfy

d
—Auny =01in Qy, uny =1 on I3, ﬂ:/lon DI (10)
dn;
. dug,
—Aug, =01in €, ur; = 1 on Iy, in + Bur; = A on Xy, (11
t

respectively, where n, is the unit outward normal to X,. Here, we can actually drop
t in I'; because I, =T for all r. Note that for r = 0, we recover the reference domain
Q := Q, with fixed boundary I' := Iy and free boundary X := .

Next, let us recall some key definitions from shape calculus. We say that the
function u(Q) has a material derivative u and a shape derivative u’ at zero in the
direction V if the limits

. u(Q)oT —u(Q) ;o w(€y) —u(Q)
i =lim ———————= u' =lim ————,
N0 t t\0 t

exist, respectively, where (#(€;) o T;)(x) = u(€,)(T;(x)). These expressions are re-
lated by
u' =u—(Vu-V) (12)

provided that Vu - V exists in some appropriate function space [22,71]. In general,
if 4 and Vu -V both exist in the Sobolev space WP (Q), then u’ also exists in that
space.

3.1 Shape derivative of the states

To establish the existence of the shape derivative of J, one needs to show that the
material and shape derivatives of the states un and ur exist and, consequently, apply
the chain rule. Apparently, the shape derivatives of uy and ug were already obtained
in [9] and [72], respectively. Their existence can be guaranteed if Q is assumed to be
at least C>! regular.

Lemma 1 ([9]) Let Q be a bounded C*' domain. Then, uxy € H3(Q) is shape dif-
ferentiable with respect to the domain, and its shape derivative u{; € H L(Q) is the
unique solution of the mixed Dirichlet-Neumann problem

ug=0 onT, (13)

—Aul’\I =0 inQ,
Onuy; = divs(V-nVsun) +AkV-n onZ,

where k denotes the mean curvature of X.
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Lemma 2 ([72]) Let Q be a bounded C>' domain. Then, ug € H>(Q) is shape dif-
ferentiable with respect to the domain, and its shape derivative up € H L(Q) is the
unique solution of the mixed Robin-Neumann problem

—Aul’{ =0 inQ,
”‘1,1 =0 onT, (14)
Ontty + Pug, = divs(V-nVsug) + AkV-n— B(Oyur + kur)V-n on Z.

If B = k, then for the shape derivative uy of the solution of (6), it holds that uy =0
when X is the free boundary.

3.2 First-order shape derivative of the cost function

Our objective here is to derive the shape derivative of the cost function J in the
direction of a deformation field V € ®. We recall that, for a given functional J : Q —
R, its directional Eulerian derivative at Q in the direction V, if it exists, is defined as
the limit
tim 20T 4wy,
™N\0 t
In addition, if the derivative dJ(Q)[V] exists for all V and the map V — dJ(Q)[V] is
linear and continuous, then J is shape differentiable at Q, and this mapping will be
referred to as the shape gradient of J at Q. According to the well-known Hadamard-
Zolésio structure theorem (see, e.g., [21, Theorem 3.2 and Remark 3.1, Corollary 1]),
the shape gradient of J depends only on the normal component of V on the boundary
of QO when the domain is regular enough.

For our proposed cost function J(X) given in (5), the shape derivative under the
assumption that

“B = k and uy, is the shape derivative of the solution of (6)
(A)
where X is the free boundary”

is given in the following proposition.

Proposition 1 Let Q be of class C>' and V € ©. Also, let us assume that condition
(A) holds true. Then, the Dirichlet-data-gap cost functional J is shape differentiable
with

dJA(D)[V] = f [(/le+ %uf\]) K—VEMN-Vsz] n-Vdo, (15)
z

where pN denotes the adjoint state which is the unique solution to the PDE system
—Apn=0in Q, pn=0onT, OppN = uN On X, (16)
k denotes the mean curvature of T and the tangential gradient Vs is given by

V() =V()lz = dn()n.
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Proof We use chain rule approach coupled with the adjoint method to obtain the
shape derivative of J given by (15). Let Q be of class C>! and V € @. Since the
state variables uy and ur are sufficiently regular, we can apply Hadamard’s boundary
differentiation formula (cf. [22, Theorem 4.3, p. 486] or [46,71]):

d B Af(0,0) Af(0,0) .
afﬁgff(t,o-)do-, t:()_f;Q—6t d0'+f69(—an +/<f(0,0'))V ndo,
(17)
where f € C([0,£], W*P(U)), p> 1, and & £(0) exists in WP (U), to obtain
dJ(D)[V] = f (ux — uR) (uyg — ug) dor
z
+f ﬁuR(uN—uR)+%K(uN—uR)2] V-ndo-. (18)
z

Here, of course, u) and uy satisfy (13) and (14), respectively. If uy is the shape
derivative of the solution of (6) where X is the free boundary and 8 = «, then by
Lemma 2, up =0 in Q. The expression for dJ(Z)[V] given by (18) then simplifies to

1
dJA(D)[V] = f unurgydor + 5 f «udV-ndo, (19)
z z

where we put the subscript “:5” to emphasize that condition (A) was imposed in the
computation of the shape gradient (see also comment on notation below).

We stress that the representation (19) of the shape derivative J in the direction
of V at Q is actually not useful for practical applications, especially in the numerical
realization of the minimization problem (5) because it would require the solution of
(13) for each velocity field V. This issue can be resolved using the adjoint method,
particularly by introducing the adjoint system (16). Using (13) and (16), we observe,
via Green’s second identity, that

fuf\]uNdO':ful'\,é‘ndeazpranul'\,dO'
b3 T b
:pr [dive(V-nVsuyn) + AV -nldo. (20)
b

At this point, it is useful to recall the so-called tangential Green’s formula (see, e.g.,
[22, Eq. 5.27, p. 498]): let_U be a bounded domain of class C! and Q c U with
boundary I'. For Ve C'(U,R?) and f € W>P(U), p > 1, we have

f(fdier+Vrf-V)do-=foV~ndcr, Q1)
r T

where « is the mean curvature of I'. In addition, when V - n = 0, we obviously have

ffdierdo-z—erf-Vdo-.
r r
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Now, note that V-nVzuy -n = 0. Hence, by the above identity, we have that

prdin(VJ’leuN)dO':—szuN-VszVJ’ldO'. (22)
X z

Combining equations (19), (20) and (22), we get the desired result. O

Remark 2 We recall from [50, Theorem 4.1] (with g = const. = A and f = 0) (see also
[32, Lemma 2.1]) that the shape gradient of J; is given by

o (1, 1,
— | zuy+4 +|zug+4 —-Vun-V

:fGln'Vda'.
b

It seems not obvious, but the kernel G given in (15) only differs by a% (%uf\]) from
G. This can be made more clear if we apply the identity

dJi(2)[V] n-Vdo

oun apN 6PN
—(V \% =—(Vupn,V ——— = —(Vupn,V A— 2
(Vsun, Vepn) = —(Vun, Vpn) + n on (Vun, Vpn) + on (23)

to (15). Thus, in addition, we can actually write the shape gradient of J equivalently
as follows

dJa(X)[V] = f

)

1 0
(/le+§u12\I) K—(VuN,VpN)+/l% n-Vdo. 24)

Notation Throughout the rest of the discussion, we shall denote the shape gradient of
J in the direction of V at Q obtained under condition (A) as dJa and its correspond-
ing kernel by G, i.e.,

1 d
Gy = (ﬂpN+§uf\I) K—(VMN,VPN>+/1% (25

(cf. Proposition ). Meanwhile, the expression dJ simply refers to the shape gradient

of J obtained without imposing assumption (A). More precisely, the expression for
dJ is given by equation (18):

dJ(2)[V] = f [ww’+(,8uRw+%Kw2)V~n] do, (26)
z

’

. _ , , L
where we use the notation w = ux —ug and w' = u{, —uy, for simplicity.

Before going to the next subsection, let us also express dJ(X)[V] in another form
through the adjoint method. For this purpose, let us consider two harmonic functions
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EN and Eg that both vanish on I', and such that 9,Zx = w and d,ZR + BER = w on X.
Then, by Green’s second identity together with equations (13) and (14), we have

fww'da‘:f[ul'\]w—ul’{(anER+ﬂER)] dozf[ul'\lw—ER(anul'z+Bul'{)] do
z z

I

=fENdivz(V-anuN)d(r
b

—fER{divz(VszuR)—ﬁ(@nuR+KuR)V'n} do
z

ZZJl—Jz.

Note that the integral fz vdivs(V-nVsu)do, for any u,v € H*(Q), can be expressed
as [ vdivg(V-nVsu)do = — [ (Vsu-Vev)V-ndo = [; (Gnuudyv —Vu-Vv)V-ndo
via (21) and because V -nVzu = 0. Hence, we have

=1 = f{VZuR . VzER —VthN 'VzEN +BER[/1 + (K—,B)MR]}V'IIdO'
z
= f[VuR . VER —VMN . VEN +Aw— (/l - ﬂuR)(W — ﬂER)]V -ndo
z
+f{ﬁER[/l+(K—,B)uR]}V~ndo-.
z

Inserting the above expression to (26), we arrive at the following result.

Proposition 2 Let Q be of class C>' and V € ©. Then, J is shape differentiable with
dJ(2)[V] = [, Gn-Vdo where

G:= VMR . VER - VMN . VEN + /1(uN - MR) - (/l - ,BMR)(MN —UR — ,BER)

1
+ BER[A + (k = B)ur] + Bur (un — ur) + 5K<uN—uR>Z, 27)

and the quantities ZEn and EN are the respective solutions to the following adjoint
systems

—AEN =0in Q, Ex=0onT, OnZN = UN —UR ON X (28)

—AER =0in Q, ER =0on F, 6,,51{ + ﬂER = UN —URr ONn z. (29)

Remark 3 Again, similar to what has been pointed out in the proof of Proposition
1, we remark that the main reason for rewriting the shape gradient dJ(X)[V] given
in (26) into dJ(Z)[V] = f): Gn-Vdo is to avoid the computations of solutions to the
boundary value problems (13) and (14) for each velocity field V which are impractical
to use in an iterative procedure.

As an immediate consequence of Proposition 2, we have the following optimality
result.
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Corollary 1 Let the domain QF be such that u = u(Q*) satisfies the overdetermined
boundary value problem (1); i.e., it holds that

u=ug =ux onQ .
Then, the domain QF fulfils the necessary optimality condition
dJ(Z")[V]=0 forallVe®O.
In addition, of course, it also holds that dJA(X*)[V] =0 forall V € ©.

Proof At the shape solution Q = Q of the Bernoulli problem (1), ux = 0 on X*.
Hence, Vun = (dhun)n on T and it follows that Vuy - 7 = 0 on £*. Moreover, we see
that Eny = 0 and Zg =0 (and also py =0) in Q. Thus, G given by (27) is zero (so is
G4 given by (25)), which implies the assertion. O

In the next section, we shall compute the second-order shape derivative of J at Q in
the direction of two vector fields from ®. We first treat the case when condition (A)
is imposed during the calculation of the shape derivative followed by the case when
it is disregarded (see Subsection 3.4).

3.3 Second-order shape derivative of the cost function

Let us now compute the shape Hessian of J at Q in the direction of two vector fields
V., W € @. Due to standard regularity theory for elliptic equations, we know that the
H?(Q) regularity of uy provides the same regularity H>(Q) to pn. Hence, for suffi-
ciently small s, it is clear that the derivative dJa (Qs(W))[V] of J (under assumption
(A)) at Q5 (W) c U is well-defined. Our next goal is to find an expression for the limit

I dJa(Qs(W))[V]-dJA(Q)[V]
1m
sN\0 S

=1 d*JA(2)[V, W],
where

dJA(Qs(W)[V] = f Gasng - Vdoy,

s

| Opxs
Gas = [ Apns + 212, | ks — (Ving, Vpns) + 1225 (30)
2 ong

Here, X := Z;(W) denotes the free boundary of the perturbed domain Q; := Q (W)
obtained via the deformation field W € ® and uns € H>(Qy) is the unique (weak)
solution of the state system (3) on Q = Q,. On the other hand, x; = divs ng, and ng
and 7 respectively denote the unit outward normal and unit tangent vectors on X;.
Accordingly, if, for all V and W in O, dzJ (2)[V, W] exists and is bilinear and
continuous with respect to V and W, then J is said to be twice shape differentiable at
Q. In this case, the map (V,W) - d>J(Z)[V, W] is called the shape Hessian of J at
Q in the V, W direction. For an admissible domain €, it can be shown that the shape
Hessian has its support on dQ and it is independent on the tangential component of
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W on the boundary. However, the exact expression for the shape Hessian, in general,
consists of the tangential component of V. This means, basically, that the shape Hes-
sian is generally not symmetric (see, e.g., [22, Chapter 9, Section 6]). Even so, at the
optimal shape solution Q* of J, it can be proved that only the normal components
of V and W contributes to the shape Hessian. Here, we focus our attention on this
situation since we are only interested in the expression for the shape Hessian of J at
the solution Q" of the exterior Bernoulli free boundary problem (1).

Proposition 3 Let Q be of class C>', V,W € O, and f8 be the mean curvature of X.
Then, the shape Hessian of J at Q" is given by

d>JA(Z9)[V, W] =f Akplgyn - Vdo, (31)
2*
where py,, denotes the shape derivative of the adjoint state px in the direction of W
satisfying the PDE system
—Apiw =0in Q7 Paw =0onT, Onpw =Ugw +AW-nonX*, (32)
where uy,, denotes the shape derivative of ux in the direction of W.

Proof In the proof, we denote the shape derivative of ¢ in the direction W by ¢’ (i.e.,
¢’ = ¢y,) for simplicity. Let Ny = N (W) be a smooth extension of n; (see, e.g, [22,
Equation (4.37), p. 491]). Using (17) with f(s,0) = Gashg -V = GasNs -V (Gas 18
given by (30)), and V replaced by W, we get

d2JA )V, W] = f (GAN+GaN') -Vdor
z

+f 29A N+ 2DV iGNV nWao. (33)
£ | On on

By Corollary 1, we know that G5 = 0 on X*. Hence, noting that N|s = n, we obtain

dZJA(Z*)[V,W]zf {G;n.V+%(n~V)n~w} do. (34)

*

Here, because px =0, and un =0 and dpun = 2 on £, GA|2* is given by
’ ’ ’ 1 ’
Gils: = {(xle +uNug) K + (xle + 5”12\1) K
— (Vug, VpN) = (Vi Vpi) +A(Vpl -m+ Vp -m) |
= Akpy-

On the other hand, we note that, for ¢,y € H3(Q), ViVg-Vy) -n = (Vzngzp +
V24 V) -n. This identity holds true because the Hessian V2¢ of ¢ is symmetric.
Hence, the term 0,G A vanishes on X* because

1
OnGals = {(/lanpN +uUNOpUN) K + (/le + EMIZ\I) Onk

- (VZMNVPN + Vszqu) ‘n +/1V2pNn . Il} |2*

=0.
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Thus, we have
d*JA(ZH)[V, W] = f Akplgyn- Vdo,
5

where p{,, satisfies the PDE system (32), proving the proposition. O

In view of the previous proposition, we see that in order to evaluate the shape Hessian
of J, we first need to compute the solution py,, of (32) (although the derivation of this
set of equations follows standard techniques issued, for example, in [71], we provide
it in the appendix for the sake of completeness; see Proposition A.1) which depends
on uyy,, and hence to the perturbation field W. In terms of numerical aspect, this step
is quite problematic to implement in an iterative procedure because it would require
the solution of (32) for each deformation field W at every iteration. To resolve the
issue, we can again apply the adjoint method (see Remark 4 in Section 3.4) as done
in the proof of Proposition 1. Before we do this, let us first examine the symmetry of
the shape Hessian d>J(X*) of J with respect to the velocity fields V and W.

3.4 Symmetricity of the Shape Hessian at a Critical Shape

Here, let us derive the shape Hessian d>J(Z*)[V,W], but in a slightly different fash-
ion, of J without imposing assumption (A) in expressing its shape gradient (see ex-
pression (26)). We will show that, in this case, the corresponding expression for the
shape Hessian is symmetric with respect to V and W. Again, we denote w = un — ur
and let Ny = Ng(W) again be a smooth extension of ng. Then, J(X) = % fz |w|?do
and from (17), we obtain

dJ(E)[V]zf{ww{,+gV-n}d0',
b

where g = wVw - -n+ %KWZ. Furthermore, we get
IV, W]

= f {Wiywy + wwisy + [Oawwy, + woawy, + kwwy, ]W -n}do
b3
+f {gwV -N+gV-Nj, +[0agV -N+g3(V-N) +«gV-NIW-n}do, (35)
b3

where wy/,, denotes the shape derivative of w along the directions of V and W (ap-
plied consecutively) and gy, = wy, Vw -N+wVwg, -N+wVw-Nj, + %K{VWQ + KWWy,
Now, according to Corollary 1, we have w =0 and g =0 at £ = £* which also gives
us gy, = 0 on X*. Therefore, d2J(Z)[V,W] = fz* wy,wy, do. Meanwhile, for g = «,
we know that uj, =0 on Q* by Lemma 2. Thus, we obtain

d>J(Z9)[V, W] = fz iy 4o, (36)

which clearly shows the symmetry (with respect to the deformation fields V and W)
of the shape Hessian at a critical shape.



16 Julius Fergy T. Rabago, Hideyuki Azegami

Let us now write (36) in its equivalent form using the adjoint method. For this
purpose, we will denote the corresponding adjoint of ug,, and ug,, by ®w and @y,
respectively. (The choice of subscripts for these adjoints will be made clear below.)

Clearly, both @y, and @y are harmonic functions and both vanishes on I'. Mean-
while, on X*, we take 9, @w = uy,,, and o Py = uy,,, so that (via Green’s second
identity) we obtain the following equalities

L* uI'WuI'\,Wdazj;* uf\lvﬁnd)wdozfy CDWanul’Wdazfz* DOy (A«V-n)do

= f Uy @y do = f Dy dpuygy do = f Dy (1kW-n)do.
5 5 Pl
Consequently, the adjoint states @y and @y satisfy the PDE systems

—~A®y =0in QF, ®w =0onT, On®w =ugy, onX;  (37)
—A®y =0in QF, ®y =0onT, On Dy = ug,, on X, (38)

respectively. Hence, we conclude that (36) can also be expressed as

d*J(Z)[V,W] = f AkOwV - -ndo = f AkOyW -ndo, (39)
B B
where Oy and @y satisfy (37) and (38), respectively. Evidently, this shows that, at the
optimal shape solution Q* of J, only the normal components of V and W contributes
to the shape Hessian.

Remark 4 We emphasize that the shape Hessian d2JA(ZH)[V,W]= fz* /IKpI'\IWn -Vdo
given in Proposition 3 is also impractical to use in numerical calculation because an
appropriate choice for the deformation field W is difficult to determine directly from
the given boundary integral (see Section 5). To circumvent this difficulty, we again
apply the adjoint method. First, we let ¥ be harmonic on Q such that it vanishes
onI'. Letting 0,'¥ = AkV -n on X, we get (via Green’s second identity and equation
(32)) the following equalities [; Axp{yn-Vdo = [{ ply 0¥ do = [ Woapy, do =
fz (Yugy, + A¥)n- Wdo. Next, we let another function IT to be harmonic on Q such
that IT = 0 on I'. Also, we let 9,11 = ¥, so that (via Green’s second identity) we
have f): ‘P”f\lw do = fz 6,,Hu1’\lw do = fz Han“fxfw do = fz A«IIn-Wdo. Summariz-
ing these results we can therefore write the shape Hessian d?J, (Z9[V,W] as

d2JA(Z*)[V,W]=f/leI’\IWn~Vd0'=f/1(‘1‘+/1KH)n-Wdo', (40)
* *

where ¥ and I1 satisfy the following PDE systems
—A¥ =0in Q7 ¥Y=0onT, ¥ =1kV-nonX*; 41
—AIl =0 in Q", M=0onT, Onll =¥ on X¥, (42)
respectively. Here, we notice that ¥ = u{,, on Q*. Hence, looking back to equation

(38), we find that @y is exactly equal to IT satisfying (42) which means that we may
actually write the shape Hessian d>J(Z*)[V, W] given in (39) as

d2J(Z")[V, W] = f AkIIn-Wdo. (43)
-
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Remark 5 In (35), we notice the dependence of the shape Hessian d>J(Z)[V, W] (for
Q different from the optimal domain Q) to the shape derivative ky, of the mean
curvature « along W € © appearing on gy,,. The explicit form of 7, can be shown to
be given by (see [22,71])

kjy = trace {D [(DWn-m)n— (DW) n| - DnDW} - Vk - W.

Clearly, this expression consists of a second-order tangential derivative of the pertur-
bation field W, and this derivative actually exists due to our assumption that € is of
class C>! [22,71]. From this observation, we deduce that the shape Hessian defines
a continuous bilinear form

dJE):H' () xH' (Z) > R;

that is, [d>J(Z)[V,W]| < IVIlg ) IWllg 5. Here, the notation H!(-) denotes the
Sobolev space H'() :={u:= (uj,u2) : up,us € H ()} and is equipped with the norm

||u||12{1(_) = |lu ||§11 ot ||u2||12ql (- Similar definition is also given to the Hll-’o(~)—space.

In view of the previous remark, it is natural to ask whether it is true that dzJ 9V, V]

||V||§Il =)’ This question actually refers to the stability of a local minimizer Q* of J.
In relation to this, we recall from [23,24] (a result regarding sufficient second or-

der conditions) that a local minimizer Q" is stable if and only if the shape Hessian
d?J(Z*) is strictly coercive in its corresponding energy space H' (£*). Unfortunately,
this kind of strict coercivity cannot be established for the shape Hessian d*>J(X*) of
J. Nevertheless, we shall show in the next subsection that sufficient condition can be
derived to obtain strict coercivity in a weaker space. We note that the derived coer-
civity criterion is exactly the same as in the case of the shape Hessian d”J; of the
cost functional J;, i = 1,2,3,4, as shown in [31,32,33,68], respectively. It is worth
remarking that, among these cost functions, only the shape Hessian d2.J>(Z*) of J, is
H' (Z*)-coercive under the derived coercivity criterion (see [3 1, Proposition 2.12]).

For the sake of comparison, let us also compute the shape Hessian of the cost
functional J; (X) at ¥ = ¥*. From Remark 2, we know that the gradient of J;(X) only
differs by the addition of the integral [ (uxVun-m)n-Vdo =: [, gin-Vdo from the
shape gradient of J(Z). Computing the shape derivative of g; at Q = Q" along the
deformation field W, we get g1y, |5+ = ugyy, (Vun -N) +un (Vugy, -N+Vun -Nj )z =
Ay, . Meanwhile, we have V(uxVux -n) -n = (Vux -n)? + un[(VZun)n] -n = 2% on
~*. Hence, from (34) with G replaced by g;, together with equation (31) in Propo-
sition 3, we get the final expression for the shape Hessian of J; at Q = Q" (cf. [32,
Equation (21)]):

Proposition 4 Let Q be of class C>' and V,W € @. Then, the shape Hessian of J, at
Q* is given by
1 (ZH[V, W] = f {Akpyy +ufyw)n-V+2%(n-V)n-W} do.
Z*

Here, we mention that the above expression was also computed in [32] but through
shape calculus for star shape domains, hence, we refer the readers to the aforemen-
tioned reference for comparison.
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Meanwhile, following Remark 4, we can also write d2J,(Z*)[V,W] in terms of
appropriate adjoint states. To do this, we let T be harmonic in Q and be zero on I'.
Moreover, we let 9, = AV -n on X, so that by Green’s second identity we have,
fz Uy (An-Vydo = fz Uy O Y do = fz YOty do = fz AkYn-Wdo. Hence, us-
ing the results from Remark 4, we therefore have the following equivalent expression
for d*J; (Z*)[V, W1:

d>Ji(ZH[V,W] = f (2K + AT+ A + 22(n-V)In-Wdo,
-

where the adjoint states ¥ and IT satisfy the boundary value problems (41) and (42),
respectively, while T is the unique solution to the PDE system

—AT=0in Q" T=0onT, Y =4AV-nonX". (44)

Here, it is worth to stress out that the shape Hessian d2J,(ZH)[V, W] depends on the
solutions of three boundary value problems as opposed to the case of d*J5 (Z*)[V, W]
which depends only on the solutions of two PDE systems. In terms of numerical
aspects, this means that we need to solve an additional variational problem in order
to evaluate the descent direction for a gradient-based descent algorithm.

3.5 Coercivity of the Shape Hessian at its Optimal Solution

Let us now determine which weaker space of H!(Z*) does the shape Hessian d>J(z")
is strictly coercive. To do this, we use the method already used in [28] (see also [31,

,33,68]). We start by introducing the following operators which are linear contin-
uous as a multiplier by a smooth function (see [68, Section 3.4]):

L:H?EY S HAEY, LV:i=2V,
M HY?2(z*) - H2(Z"), My = kv.

Here, V,, := V-n and « is, of course, the mean curvature of £*. The continuity of these
operators follows from the following result.

Lemma 3 Let Q C R? be a bounded Lipschitz domain with boundary T := Q. Then,
the map v — ¢v is continuous in Hl/z(r)for any v € HY2(T) and ¢ e col).

Proof Recall that the fractional Sobolev space H'/?(T') (the trace space for H'(Q))
is equipped with the norm

v(x) = v(y) 12

C oy

Vlli22 = Wl + vz Viar = (f
r
Let ¢ be a Lipschitz function. Then, we have the inequality

1p(x)v(x) = p(YIv(V] S 1Blleo[v(x) =v W+ VW)X =y
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Hence, |¢v|1/2,2 1 can be estimated as follows

_ ) 1/2
6Vl o = (f [¢(x)v(x) ¢(2y)v(y)| dxdy)
rJr [x -yl

1/2
< ||¢||oo|V|1/2,2,r+(ff|V(y)|2dxdy)
rJr

12
< Nglleovhijaor + T VIl L2y

Because [|¢vli 2y < 1@l llVIlL2(r), then the assertion is proved. O

In addition to the operators introduced above, let us also define the map S as the
Steklov-Poincaré operator on £* which is defined by (see [72])
oY

S:H'?=Y) > H V=Y,  S@):= ol (45)
n|s.

where ¥ € H' (Q*) satisfies
—-A¥ =0 in Q" ¥Y=0 onT, ¥Y=0 onX'.

The operator S, also called the Dirichlet-to-Neumann map, is H'/>(X*)-coercive (cf.
[33, Lemma 2]). Its inverse R called the Neumann-to-Dirichlet map is defined by

oY

R:H 2" - H'?2(z), R(
on

) ::(D |E*s

where @ € H! (Q) satisfies
-A®=0 inQ" ®=0 onT, Op® =0,¥Y onX*.

Now, using the operators £, M, R, and denoting the L2(Z*)-inner product by (-, +)r2(z+)s
we can write (31) as

d2JAQ)V, W] = (MLV,RLW +RMLW))) 25 -

By the continuity of the maps £ and M, and the bijectivity of R, we deduce that the
shape Hessian d?J, at Q* is L2(Z*)-coercive (whenever « is non-negative) and we
state this result formally as follows.

Proposition 5 For X* with non-negative mean curvature k, the shape Hessian d>Ja
at QF is LE(Z*)-coercive; i.e.,

PIAEIV VI IV 50 -

The above result also means that the minimization problem “ming J(X) subject to (3)
and (6)” (with condition (A) imposed in computing the gradient) is (algebraically)
ill-posed. We further discuss this notion of ill-posedness (in the case of the present
shape optimization formulation) briefly as follows. As already mentioned in the pre-
vious subsection, the shape optimization problem is well-posed if its local minimum
is stable; that is, if the shape Hessian d*J (X*) is strictly coercive in its energy space
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H!(ZY) (ie., JAEIIV. V] 2 IVl .- If, on the other hand, the positivity of the
shape Hessian at £* only holds on a weaker (Sobolev) space, then the shape opti-
mization problem is said to be (algebraically) ill-posed (cf. [30,32]). This means,
in particular, that tracking the Dirichlet data in the L2?-norm is not sufficient, and
as strongly assumed by the authors in [34], they have to be tracked relative to H'.
This aforementioned lack of coercivity is known from other PDE-constrained opti-
mal control problems as the so-called two-norm discrepancy (see, e.g., [30] and the
references therein) and this concept of norm discrepancy under shape optimization
framework was first observed in [23,24,25,27], among others.

Remark 6 In case of the cost functional J4(Q) = %|uN - “R|i,1 @ examined in [68],

the shape Hessian is likewise a continuous bilinear form, i.e., d>7,(Q) : H'(Z) x
H'(Z) — R. This result is primarily due to the fact that the computed expression
for d?J4(Q) also consists of the shape derivative «’ of the mean curvature . Also,
using the operators introduced above, the shape Hessian d2J, at Q* was shown to be
expressible as

I (QHV,W] = (MLV,RM+8)LW) 125+,
which is H'/2(Z*)-coercive provided that ©* has non-negative mean curvature «.

Remark 7 Similarly, we have that d>J;(Q) : H'(£) x H'(£) — R and using the op-
erators introduced above, we may write the shape Hessian of J; at Q = Q* given in
Proposition 4 as follows:

I (QHIV,W] = (RM+8) LV, RM +8) LW) 25+,
This expression is also H'/>(X*)-coercive (i.e., d*J1(Z)[V. VI 2 VI, /»5.)) Pro-
vided that X* has non-negative mean curvature .
On the other hand, in case of the shape Hessian d2J(Z")[V, W], we deduce (via
the continuity of the maps £ and M, and the bijectivity of R) that

CIEHV, V] = [[RMLV)|Z, 5. ~ IMLVIE

(Z) “lEry

whenever « is non-negative. Here, the notation “P ~ Q” means that “P < Q and P 2
Q.” Hence, the positivity of d2J(Z*) holds only in the weaker space L*(X*).

4 Existence of optimal domains of the shape optimization problem

Before going to the numerical treatment of the proposed shape optimization reformu-
lation “ming J(X) subject to (3) and (6)” (or equivalently, “ming J(X) subject to (7)
and (8)”) of (1) and for completeness, let us first address the question of existence of
optimal solution to the said problem. On the other hand, as regards to the existence
of solution to the exterior Bernoulli FBP (1), we refer the readers to [1].

To carry out our present task, we use the results established in [68] regarding the
continuity of the state problems with respect to domain. We begin by rewriting the
weak formulations (7) and (8) of (3) and (6), respectively, as follows:
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Find zy = un —uno € Hll O(Q) such that

szN'Vgodx+fVuNo-thdx—f/ltpdazo, V@GHFI’O(Q); (46)
Q Q p)

find zg = ug —uro € H} ,(€) such that

szR~Vgodx+fVuR0~V<pdx+fﬁzRgod0'—f/l¢do':0, \/cpeHllO(Q).
Q Q z z ’

47)
In above equations, uno and ugg are two fixed functions in H Y(U) such that ung =
uro = 1 on I'. Given the unique solvability of (46) and (47) in H'(Q), we define the
map Q — (zn, zr) = (2n(€2), zr(€2)) and denote its graph by

T ={(, 2n(Q), Zr(Q)) : Q € Oyq and zn(Q), zr (Q) satisfies (46)—(47) on Q}.

Hence, the problem “ming J(X) subject to (7) and (8)” is equivalent to the problem
of finding a solution (€2, zx5 (), zr (2)) that minimizes J(Q) = J (€, zn(Q), zr(2))
on .%. Such minimization problem is usually solved by endowing the set .% with a
topology for which .# is compact and J is lower semi-continuous. For this purpose,
we follow the ideas developed in [43] and the ones furnished in [13,42].

Let us now characterize the set of admissible domains O,q and then give an ap-
propriate topology on it. In the previous section, we assume a C>! regularity for the
domain Q to guarantee the existence of the shape derivatives of the states and to
establish the shape Hessian of J, for the existence proof of optimal solution to the
problem

(48)

Find (Q*,z2x(Q%),zr(Q%)) € F such that
J (€, 2n(Q7), 2R (Q7)) < J (€, 2n(Q), 2R (), V(€ 2n(Q), 2R (Q)) € F,

it is enough to assume that Q has a C"! smooth free boundary X (cf. [68]). Hence,
we let £ be parametrized by a vector function ¢ € CH!(R,R?) (i.e., T = X(¢) = {¢p =
(91(2),¢2(t)) : t € (0,1]}) where, in addition, ¢ is assume to possess the following
properties:

(P1) ¢ isinjective on (0, 1] and is 1-periodic;
(P») there exist positive constants c, cy, ¢ and c3 such that

o) <co, c1 <P’ M) <ca 19" (@) < s, forallre (0,1);

P3) Q= §(¢) c U, U is a fixed, connected, bounded open subset of RZ;
(P4) there is a positive constant vy such that dist(I', 2(¢)) > .

If ¢ satisfies the above conditions, then we say that ¢ is in U,g. The set of admissible
domains O,q we consider here is now given as follows

Ou ={Q=Q(¢) CU: ¢ € Vaal, (49)
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where V,q is a compact subset of U,g. An example of V,q is the set {¢ € Uy :
1" (t) — "' (s)| < |t —sl, t,s € (0,1]} which is compact in C (R, R?). In addition to
(49), we shall also consider the larger set

0. ={Q=Q(¢) CU : ¢ € Uy).

The set U in assumption (P3) and the one introduced in Section 3 are not necessarily
the same set. However, we point out that in (P3), we are assuming that all admissible
domains Q(¢) are contained in the hold-all domain U in the same manner that the
universal set U in equation (9) holds all the possible deformations of the reference
domain Q. Also, we assume that U is large enough that it contains the optimal domain
Q" that solves the exterior Bernoulli FBP (1). Here, we are in fact requiring that
dist(X(¢),0U) > 0, for all ¢ € Uyg, and dist(X*,0U) > 0. In this way, we can say
that the shape optimization problem “ming J(Z) subject to (7) and (8)” is indeed
equivalent to the free boundary problem (1). Meanwhile, in view of (49), we see that
every admissible domain Q(¢) is a uniformly open set in R? and therefore satisfy
the well-known uniform cone property (cf. [46]). Moreover, as a consequence, these
admissible domains satisfy a very important extension property. More precisely, for
every k > 1, p > 1 and domain Q € éad, there exists an extension operator

Eq : WEP(Q) » WEP(U) (50)
such that || Eqully«.r ) < Cllullye.r ), where C is a positive constant independent
of the domain Q (see [ |8]). Using these properties, we can ensure a uniform extension
i e H'(U) from Q to U of every function u € H'(Q). In the discussion that follows,

we will use this result to finally define the topology we shall work with.
Let us first define the convergence of a sequence {¢, } C Uyg by

én — ¢ = ¢, > ¢ and ¢, — ¢’ uniformly on [0, 1], (51)

i.e., if and only if ¢,, = ¢ in the C 1-topolog~y. We can then define the convergence of
a sequence of domains {Q,} := {Q(¢$,)} C Oy by

Q, - Q= ¢, > ¢. (52)

Meanwhile, we define the convergence of a sequence {zn,} of solutions of (46) on
Q,, to the solution of (46) on Q as follows

INn = IN &= Inn — Zn weakly in H(U). (53)

Similarly, the convergence of a sequence {zr,} of solutions of (47) on Q, to the
solution of (47) on Q is define

ZRn — ZR &= Zrn — Zr Weakly in H' (U). (54)

In (53) and (54), the extensions Z;, Z;n, I = N,R, are defined as Eqzi, EqZin, | = N,R,
respectively, where Egq is of course the extension operator (50).
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Finally, the topology we introduce on .% is the one induced by the convergence
defined by
¢n - ¢?
(Q4, 2Nns ZRn) = (12N, ZR) € 1 2Nn — 2N, (55
ZRn — ZR-

We now state the main result of this section.
Theorem 1 The minimization problem (48) admits a solution in .F.

As stated before, the existence proof is reduced to proving the compactness of .%
and the lower semi-continuity of J. Regarding the former problem, we note that
the convergence ¢, — ¢ follows immediately from the compactness of V,4 and the
Arzela-Ascoli theorem, hence, the compactness of .% with respect to the convergence
(55) is already guaranteed. This means that we only need to show the continuity of
the state problems (3) and (6) with respect to the domain in order to complete the
proof of compactness of .%. The proof of this continuity is not straightforward but
has already been done in [68] using the tools established in [14, 5], so we simply
state the result as follows.

Proposition 6 ([68]) With the convergence of a sequence of domains given in (52),
we let {(dn, 2Nn» ZRn) } be a sequence in F where 7N, := zn(dn) and zr, = zr (¢n)
are the weak solutions of (46) and (47) on Q, := Q(¢,) C (jad, respectively. Then,
there exists a subsequence {(dx, zNk> Zrk )} and elements ¢ € Uyg and 7N, ZR € HY\(U)
such that

or— ¢ Iw—awinH'(U),  Zre—zrin H'(U),

where zn = 2n(¢) = Inlae) and zr = ZrR(@) = Zrlae) are the unique solutions of
equations (46) and (47) on Q := Q(¢), respectively.

In the proof of the above proposition, three essential estimates were utilized. The
first one is a result regarding the uniform Poincaré inequality proved in [15] (see,
particularly, Corollary 3(ii)). The second one concerns about the uniform continuity
of the trace operator with respect to the domain (see [13, Theorem 4]), and the last
auxiliary result is about a uniform extension of the state variables from Q,, to U such
that their respective H'(U)-norms are bounded above by a constant positive number
(see first part of the proof of Proposition 6 given in [68]). For completeness, we recall
them as follows:

Lemmad Let ¢ € Vyq and Q(¢),Q, := Qo) € (jad. Then, the following results
hold.

(i) Foreveryue€ HFI’O(Q), we have the estimate ||ul|p2q) S lulg1(q)-
(ii) For all real number q such that % < q < 1 and functions u € H'(U), we have

el 2sgyy S Nullaa@w)s

where || - ||ga ) denotes the H1(U)-norm.
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(iii) There exists a uniform extension Zr, (respectively Znn) of Zrn (respectively zng)
from Qy, to U and a constant Cr > 0 independent of n such that || Zrn|lg1 ) < Cr
(respectively || Zxnllp1 1) < Cn, where Cx > 0 is constant).

In relation to the second statement of the above lemma, we note that due to assump-
tion (P3) and the uniform cone property of the domain Q(¢) € (jad, the norm of the
trace map tr : Hé(U ) = L?>(Z(¢)) can actually be bounded uniformly with respect
to Q(¢) € Oyg; see [59]. On the other hand, we mention that the proof of Lemma
4(iii) given in [68] uses the first two estimates (i) and (ii). Note that the third part
of the lemma already guarantees the existence of a subsequence of {Zr,} (respec-
tively {Zn,}) which weakly converges in H L(U) to a limit denoted by Zr (respec-
tively Zn). Hence, the proof of Proposition 6 is completed by showing that the re-
striction of Zr (respectively Zxn) in Q(¢) coincides with the unique solution of (47)
(respectively (40)). Because of the basic role Lemma 4(iii) plays in the proof of the
lower-semicontinuity of J, we provide its proof below.

Proof (Proof of Lemma 4(iii)) Throughout the proof we use the notation (-), :=
(:)(¢5). From a famous paper of Chenais [18], we know that the solution zgr, of
(47) on Q,, admits an extension Zg, in H'(U) such that

IZRnllg ) S NlzRullgr@,,)-
(%) ()

So, to establish our desired result, we need to prove that ||zr, |1 (q,,) is bounded with
respect to n. In view of (8), taking ¢ = zg,, € H} 0(€2), we have

f |VZRn|2dx+f ﬂ|ZRn|2do=—f Vitro - Vg dx+f Azgn dor.
Q, Zn Q b}

This yields the estimate
|2Ral31(q,, ) < luRol @) 2Rnl i1 @) + 1T P llzrall s, - (56)

Next, we show that ||zr. |l 2(s,,) can be bounded by [zrn|g1(q,,)- This is where we
apply the first two parts of the lemma (i.e., Lemma 4(i) and (ii)) to obtain

lzrnllz2(s,) S 2Rl @) S llzRnllEH1 (@, S 12RlHI@Q,)-

Going back to (56), we get

|zRalE1 (@) S lurollg @ + 141U,
Applying Lemma 4(i) once more, we obtain

1/2
IzrRnllg1 (@, S llurollgr ) +1A1U| 2,

which establishes the boundedness of {||Zr g1} The same line of argument can
be used to prove that there exists a uniform extension Zn; of zn, from Q,, to U and a
constant Cy > 0 independent of 7 such that ||Zng |1y < Cn. (In fact, taking 8 =0
in above proof easily verifies this statement.) |
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Having recalled the above results, we now proceed on the second part of the proof of
Theorem 1 by proving the next result.

Proposition 7 The cost functional
1
J(Z) = J(Qun(Q).ur () = 5 f lun(Q) —ur (Q)* dor
b

is lower semi-continuous on ¥ in the topology induced by (55).

To prove the above proposition, we will exploit the parametrization ¢ of . Also, its
properties stated in assumption (P3) will be used implicitly many times in the proof.
The following result, which is a consequence of Lemma 4(ii) (see [ 3, Corollary 2],
and also [14, Corollary 1]), will also be central to the proof of Proposition 7 given
below.

Lemma 5 ([13,14]) Let ¢ € Uag and {¢,} C Uyq be a sequence such that ¢, — ¢ in
the C'([0,1],R?)-norm. Then, forany u € H'(U), we have lim,,_,e 1 0 ¢p=uogin
L2([0,1)).

Proof (Proof of Proposition 7) Let { (€, unn, Urn) } be a sequence in 7, Q,, := Q(¢y,),
and assume that (€, uny, UrRn) — (Q uN,ur) as n — oo, where Q := Q(¢) and the
triple (€, un,ur) is in %. For convenience, we let w,, = un, — ur, (recalling that
w = uy —ug) and their extensions in H'(U) by w,, and w, respectively. Here, we em-
phasize that w = w|q is in H%’O(Q) which is essentially due to the boundedness of the

trace operator. Moreover, for any u € Hrl o(U), the restriction ulg,, is in Hrl 0(&2n). We
have | |

2|7 (Z(¢n) = J(Z(D))]

=f [wy, |? do-—f lwl|? da"
Z(¢n) Z(¢)

1
fo [16vn 0 8n) D17, (D1 = 1w 0 §) (D)1 ()] dt

N

+

1 1
<|[ [omoen=ovoar]ionia|+| [ oro02as; -t

I+ .

We first look for an estimate for the second integral I. For this purpose, we apply the
estimates in Lemma 4 and the compactness of the injection of H'(U) into H4(U) for
1< g <1, toobtain

L < suplg), — &'l 1wl < suplgl — ¢ lIWlI%,,,,, < suplel—¢'l.
[0.1] n L2(2(¢)) [0.1] n H'(U) [0.1] n

Clearly, using the uniform convergence of ¢,, — ¢ in [0, 1] (see (51)), we get the limit
lim, oI = 0.
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On the other hand, to get an estimate for the first integral I;, we first apply the
identity a> — b* = (a — b)? +2b(a — b) to obtain

1 1
111<j;(Wn°¢n—W°¢)2|¢;|dl+2U; (Wod)(Wnodn—wod)lg,|dt

=: 1[11 +21[12.

For I;,, we have the estimate

1 1
j(;(W°¢)(Wn°¢n—w<>¢n)|¢§,|dt+fo(W°¢)(W°¢n—wo¢)|¢;|dt

Iz <

S Wl (||Wn —wll2g,) +llwodn _W°¢||L2([O,l]))

S Wn=wllaaw) +lwo dn—wo dllr2o,17)-

On the other hand, for I;;, we have

1 1
Im<f0(wno¢n—wo¢n)2|¢;|dr+2fo (Wi © Gy — W 0 B) (W0 Gy — w0 B8] i

1
. (wodn—wop)|g)|dr

2 2
< llwn — W”U(Z,,) +llw, — WIlLZ(Zn)(||W||L2(Zn) +lwllp2gy) +llwo dn —wodll2 o1y

SWn=Wllaaw) +llwo dn—wodll2 o1

The above estimates were obtained using the inequalities in Lemma 4. Combining
them, we arrive at

L S W= Wllaa@w) +1Iwo dn—wodll2qo.1))-

Applying Lemma 5, and again using the compactness of the injection of H'(U)
into H?(U) for % < g < 1, the convergences w,, — W in H'(U)-weak and o, =
¢’ in the C'([0,1],R?)-norm (see Proposition 6), we obtain lim,_,.,I; = 0. Thus,
lim;, o0 | J(Z($5) — J(Z(#))| = 0. Consequently, we find that lim,,_,eo J (4, UNp, URn ) =
J(Q,un,ur); that is, J is continuous, and in particular, lower semi-continuous. O

To conclude this section, let us formally provide the proof of Theorem 1 using Propo-
sition 6 and Proposition 7.

Proof (Proof of Theorem 1) Let (Qy, 2NnsZRn)> n = Q(¢,,), be a minimizing se-
quence for the cost function J; that is, (£2,,, znn, 2R 1S such that

r}l_l}(}o J(Qn, ZNn, ZRn) = INf{J(Q, 2n, 2R) (R 2N, 2R) € F ).
From Proposition 6, there exists a subsequence (Q, Znk, zZrk) and an element Q =
Q(¢) € Ouq such that Q; — Q (i.e., ¢y — ¢ uniformly in the C! topology), Znk — 2N,
Zri — Zr in H'(U), and the functions Zx|q and Zr|q are the unique weak solutions to
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(46) and (47) in Q, respectively. Using these, together with the continuity of J proved
in Proposition 7, we conclude that (by virtue of [43, Theorem 2.10])

J(Q, 2Nlo, ZrlQ) = kh_r)lf(}o J(Q, 2Nk, 2Rk ) = Inf{J(Q, zn, zr)  (Q, 2N, 2R) € F ).

O

Remark 8 1t is worth remarking that in [32], the authors did not tackle the question
of existence of optimal solution of the shape optimization problem examined in their
paper which is the Poisson case of (1) with a regular Dirichlet and Neumann data on
the fixed boundary and free boundary, respectively. Nevertheless, the authors tacitly
supposed the existence of optimal domains and assumed that it is sufficiently regular
to accomplish their objectives. We mention that, with the appropriate modification
on the proof of Theorem 1, the existence analysis for the shape optimization problem
studied in [32] can be carried out in a similar fashion (see [13]).

5 Numerical Algorithm and Examples

Here, using the gradient and Hessian informations, we will formulate a boundary
variation algorithm to numerically solve the minimization problem (5). We shall use
a Lagrangian-like method to carry out the numerical realization of the problem in con-
trast to the one applied in [12,44,50] which is an Eulerian-like type method known as
level-set method (see [64]). Of course, our approach is also different from [31,32,33]
which employs the concept of boundary integral equations and were then solved by
boundary element methods. Furthermore, there is another numerical method which
was recently proposed in [40] that employs the notion of conformal mapping method
to solve the FBP (1). This solution method was recently developed by Haddar and
Kress in [40] and relates the Bernoulli problem in the context of inverse problems.
Much more recently, another method was also introduced by Kress in [54] in an at-
tempt to improve the use of boundary integral equations for numerically solving the
Bernoulli problem. In terms of numerical performance, he demosntrated that his re-
cently proposed method inspired by Trefftz’ integral equation method [73] is more
robust and wider applicable than that of [40]. We mention here that Trefftz’ approach,
in principle, can be considered as a so-called trial method (see, e.g., [72]) which is
also a prominent numerical method for solving free boundary value problems such
as the Bernoulli problem.

5.1 Numerical Algorithm

In the following discussion, we give the details of the numerical algorithm we use to
solve some concrete numerical examples of (5).
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5.1.1 The Sobolev gradient method

Let us denote by € the shape of the domain at the kth iteration. Then, at the (k +
1)th iteration, the shape Q can be updated as Qi1 := Q;,,, = (I, + 7 V)Q, where
tr = 0 is some small step size parameter and V represents the descent deformation
field V. at the kth iterate. In perturbing the domain Q, we may take V|z = —Gn
as the descent direction. However, this choice of the descent direction may cause
undesirable oscillations on the free boundary of the shape solution Q*. To avoid such
phenomena, we compute the descent direction via the so-called H' gradient method
[6]; that is, we take V as the unique solution in H}’O(Q) of the variational problem

f(VV:V<p+V-go)dx=—fGn~godcr, Vo € H ((Q). (57)
Q z

In this sense, the deformation field V, also called in some literature as a Sobolev
gradient (see, e.g., [60]), provides a smooth extension of Gn over the entire domain
Q, which not only smoothes the boundary [5] but also provides a preconditioning of
the descent direction. The method of regularizing the descent direction using (57) is
similar to the idea behind the so-called traction method introduced and popularized
in [2,3,4,5].

On the other hand, we note that the kernel G given in (15) depends on the mean
curvature of X. This means that we first need to calculate « in order to determine V.
In this investigation, we evaluate this expression by first creating a smooth extension
of n using the idea of the H' gradient method and then calculate « as the divergence
of that smooth extension. This technique is possible because, by Proposition 5.4.8 of
[46, p. 218] (see also [38, Lemma 16.1, p. 390]), we know that, for a domain Q of
class C?, there exists a unitary C' extension fi of n such that the mean curvature may
be defined as

k =divgn = divi.

Hence, based on this idea, we may numerically compute « via the equation « = divN,
where N is the smoothed extension of n satisfying the equation

fVN:Vgodx+fN-godo-=fn'<pda', Vo e H'(Q). (58)
Q b b

5.1.2 Step Size

Let us now turn our attention to the computation of the step size to be used in our
algorithm. It is worth mentioning that the choice for #; can be decided in many ways.
Here, we shall update #; € (0, ] (where & > 0 is some sufficiently small real number)
by following a heuristic approach inspired by the Armijo-Goldstein line search strat-
egy similar to the one offered in [50], but for level-set methods. Given the choice of
descent direction V|y = —Gn (this means, basically, that a(-,-) in equation (60) below
is the usual inner product in L2(2)) and the definition of the domain Q,, we know
that

J(Ze) = J(Zo) +8dJ (Z0)[V] = J(Zo) — &l|GlI2s 5, (< T(Z0)).
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The requirement J(X;) = (1 —a)J(Zp) for some a € (0,1) then suggests the choice

e=aJ(ZXy) /||G||l2d2 o)’ However, since we are regularizing V via (57), we need to
replace the L?-norm of G appearing in the denominator of the previous formula with

the H' (Q)-norm of V, and then finally define the step size fx as
te= ad SOV g (59)

We further explain the above formula as follows. In general, we may in fact con-
sider the variational equation

a(V,0) = —(Gn@) 25y, Vo €X, (60)

where a(-,-) is some bounded coercive bilinear form on an appropriate space X, to
obtain a regularization of the descent direction —Gn (see, e.g., [5, Section 6.3]). Then,
using (60) and the requirement that the relation J(X;) = (1 —a)J(Zo) = J(Zo) +
£(Gn, V)25 holds for some @ € (0,1), we end up with the equation

L, G0 I
G0 Vys a(V, V)

forany V e H}’O(Q). Hence, at each iteration, we may choose, for a fixed «, the step
size parameter t; as tfx = aJ(Zg)/a(V,V). This formula for t; clearly provides a
natural choice for the magnitude of the step size when the descent direction V is reg-
ularized using equation (60). Nevertheless, as investigated in [67] through various nu-
merical experiments, it is possible to change the denominator a (V, V) in the formula
for t; to get a better step size. In fact, by changing the H' (Q)-norm in (59) by either
the H}’O(Q)- or the L%(X)-norm, for instance, we can speed up the convergence of
the algorithm given below, as exhibited in [67]. Indeed, this claim can easily be sup-

ported by the fact that the sequence of inequalities ||V||1‘ﬁ @ S ||V||;I% @ S ||V||£§(Q)
T,0

obviously holds.

Now, with a € (0, 1) fixed, the step size will be decided according to the following
rule: we take f; as in (59) whenever there is a decrease in the computed cost value
from the previous to the next iteration loop (i.e., if J(Zr+1) < J(Zg)). Otherwise, if
the cost value increases, we reduce the step size and go backward: the next iteration
is initialized with the previous shape Q. We also reduce the step size #i if reversed
triangles are detected within the mesh update.

5.1.3 The Boundary Variation Algorithm (First-Order Method)

The main steps required for the computation of the kth domain is summarized as
follows:

Step 1 Fix the step size parameter and choose an initial shape €.

Step 2 Solve the state equations and their corresponding adjoint state systems on Q.
Also, solve the variational problem (58) on €.

Step 3 Using the shape gradient, compute the descent direction Vi via (57) and the
step size fx by (59).
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Step 4 Using V. and t, perturb the current domain by Qg1 = (Ip + ¢ Vi) Q.

Finally, to complete the above steps, we need to specify the stopping condition. Here,
we terminate the algorithm as soon as the inequality condition

J(Zi) [T (Zo) <1, (61)

is satisfied for some sufficiently small real number ;7 > O or if the algorithm already
completed a specified (maximum) computing time. It worth mentioning that a typical
stopping criterion is to find that whether the shape gradients in some suitable norm
are small enough. However, since we use the continuous shape gradients, it is hope-
less for us to expect very small gradient norm because of numerical discretization
errors. In addition, because we will be comparing our proposed method with that of
the classical Dirichlet-data-tracking approach and since this method uses a different
cost function, a normalization of the cost histories with the initial cost value that
corresponds to each method seems more appropriate to our case.

We shall refer to the above sequence of procedures with dJa given by (15) as the
gradient as Algorithm A.1. On the other hand, when using the full shape gradient dJ
given in Proposition 2 in Step 3, the above steps will be referred to as Algorithm B.1.

5.1.4 Incorporating the Shape Hessian Information in the Numerical Procedure

We remark that, with the help of the shape Hessian information, we can obviously
improve the convergence of the numerical method given in the previous section in
terms of the number of iterations required to complete the iteration scheme (see,
e.g., [28,68,72]). However, the drawback of a second-order method is that, in most
cases, it demands additional computational burden and time to carry out the task. In
this section, we will formulate a second-order optimization algorithm to solve the
minimization problem (5) following an idea first proposed by the second-author in
[7] (see also [8, Problem 4.2, Eq. (29)]). Particularly, we use a variant of the so-called
H' Newton (or Sobolev Newton) method which utilizes the Hessian information to
compute the descent direction. The basic idea of this method is that it incorporates the
shape Hessian in obtaining a regularized descent direction for the algorithm similar
to equation (60) (see Remark 9 below). In our case, however, we propose to use only
the shape Hessian information at the solution of the FBP (1) (i.e., we use (40)).

To do the task, we define the descent direction W € H},O (Q) as the unique solution
of the variational equation

f (VW Vo +W.p)dx = —f (G+H'[VD)n-pdo, Vo€ Hll-’O(Q), (62)
Q )

where G, as before, is the kernel of the shape gradient while H*[V], in this case,
denotes only the kernel of the shape Hessian at the solution of the FBP (1), i.e.,
fz* H*[VIn-Wdo := d*J(Z*)[V,W] (cf. (43)). In case of the shape gradient com-
puted with assumption (A), the corresponding notation is Hj[V]. In terms of the
adjoint states, these kernels of the shape Hessians are exactly given by

H*[V] = A«II[V] and H[V] = A(¥Y[V]+ AII[V]), (63)
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respectively. Here, of course, ¥ and II satisfy equations (41) and (42), respectively.
In above expressions, we added the notation (-)[V] to emphasize that the expression
it is attached to is dependent to the deformation field V.

Now, the main steps to compute the kth domain Qj are essentially the same as
that given in Section 5.1.3. However, in order to take into account the procedure in
computing W, we divide the third step of the original algorithm as follows:

Step 3.1 Using the shape gradient, compute the descent direction Vy via (57).

Step 3.2 Compute ¥ and IT by solving the PDE systems (41) and (42) at Q = Q.

Step 3.3 Using the shape gradient and the shape Hessian, compute the descent direc-
tion Wy, using (62).

Moreover, in Step 4 of the original algorithm, we replace V; with the new deforma-
tion field Wy that is, we perturb the kth domain by Q.| = (I + 1z Wi )€. Here, the
step size tx can still chosen on the basis of the formula given in (59). However, in our
experience, this formula for the step size does not give much improvement in terms
of convergence speed for the second-order shape optimization algorithm. To exploit
the advantage of utilizing the shape Hessian information, an appropriate step size for-
mula has to be used to achieve at least a superlinear (or even quadratic) convergence
rate for the algorithm (see Remark 10 below).

Remark 9 We also remark that the computed boundary integral expression (33) with
G replaced by G in the proof of Proposition 3, in general, can be further written into
the following form

2 J(Z)[V,W] = f [Giy Vo + (0aG + KG) VaWa — GK + G(DV)W, | dor,
z

where K = vy - (Dgn)ws +n-(Dgv)ws +n- (Dgw)vy, Vo :=V-nforVe®,v=V]y,
v=vy+wyn:=(v-7)T+ (v-n)n and Ds denotes the tangential differential operator
called the rangential Jacobian matrix given as Dgv = DV|z — (DVn)n" (see, e.g.,
[22, Eq. (5.2), p. 495]). Evidently, the above expression for the shape Hessian is
composed of symmetric and non-symmetric terms with respect to the deformation
fields V and W [63]. This lack of symmetry and complexity in form of the shape
Hessian provides much difficulty for its utilization and numerical implementation
([62,70]). Nevertheless, as proposed by Simon in [70], one can still utilize the shape
Hessian in an optimization procedure in a much simpler way by dropping the non-
symmetrical part of the Hessian (see, e.g., [49]), allowing one to obtain a second
order expansion of the form J(X) +dJ(Z)[V]+ d2J()[V, V] of J(T) with respect to
the descent direction V. Note that the necessary optimality condition give rise to the
variational formulation of the Newton equation

ISV, Wl =-dJ(D)[V],  VVeH} (),

whose solution W may be used as a descent direction in a gradient-based descent
algorithm (cf. equation in Step 3 of [43, Section 4.1.1, Algorithm 4.1, p. 131]). Fol-
lowing this idea, and employing a smoothing technique such as (60), we arrive at
equation (62) which gives us a new regularized descent direction W.
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Remark 10 In addition to the previous remark, and as also noted by Simon in [70]
(see his remark in Section 2.1), we mention that the velocity of gradient methods
(such as Algorithm A.1) can be improved by choosing the step size as the neg-
ative ratio between the shape gradient over the shape Hessian. For example, the
kth approximation of € can be computed as Qi1 = (I +t]in)Qk where rfk =
—dJ (Z)[Vi1/d2 T (Z)[ Vi, Vi]. Here, the step generated by the formula for # is
commonly called as the (full) Newton step (see, e.g., [61, Section 3.3]).

In our case, since we are using regularized descent directions, the above idea is,
in a sense, equivalent to taking #; as a scalar multiple of the ratio of the square of
the H!(Q)-norm of V over the squared H' (Q)-norm of W. Indeed, from a similar
proposition issued in Subsection 5.1.2, we can naturally take

tk = @Vl o, /Wi (64)

for a fixed @ € (0, 1], as the kth step size of the second-order optimization algorithm
proposed in Subsection 5.1.4.

In (64), we introduced the step size parameter @ simply to control the magnitude of
the descent step during each iteration. We recall that, in most optimization problems,
the introduction of a step size parameter to Newton’s method is primarily due to the
fact that the method is quite sensitive if the initial guess is too bad. Common strategies
to globalize the method is to introduce a line search strategy or to work with the so-
called trust region methods (see, e.g., Section 3.4 and Chapter 4 of [61]). In practice,
the former strategy is accomplished by scaling the Newton’s step by some coefficient
0 < & < 1 in every iteration (as we have done in (64)). Taking @ = 1 obviously amounts
to a full Newton step and choosing @ < 1 yields the so-called damped Newton method
(see, e.g., [16, Section 9.5.2, p. 487]) which has an increased convergence radius (this,
however, does not work well in general), and also has a reduced convergence order
(not quadratically anymore). Nevertheless, when the approximant is judged to be near
to a solution, @ = 1 is taken and the convergence would be as good as for the standard
(or pure) Newton’s method.

Here, we opted to apply a line search method in our proposed second-order (shape
optimization) algorithm to address two main issues when taking the full Newton step.
Firstly, we notice that, in some situations, choosing a full Newton step is not necessar-
ily the best strategy to start the approximation procedure, especially if the initial guess
is far from the (optimal shape) solution. Secondly, we observe that the full Newton
step is sometimes too large that the cost functions become insensitive with respect
to geometric perturbations, occasionally causing the algorithm to overshoot or con-
verge prematurely to a less optimal solution (see Example 5.2.4). On the other hand,
although the step size parameter @ can be made at most equal to the unit value when
the approximant is estimated to be close to the optimal solution, we only fixed & to be
of constant value (< 1) throughout the iteration process. Nevertheless, a backtracking
procedure as in Subsection 5.1.2 will still be employed in the algorithm, meaning that
the maximum step size at each iteration of the algorithm is only bounded above by a
fraction (determined by the value of &) of the full Newton step.

Despite the fact that the idea is already known in the literature, we emphasize
that the formula for the step size given by (64) is, to the best of our knowledge,
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novel to this work. We shall refer to the modifications of Algorithm A.1 and Al-
gorithm B.1, exploiting the shape Hessian informations given in (63) and the new
step size formula for t;, as Algorithm A.2 and Algorithm B.2, respectively. Also, for
the sake of comparison, we will also run our propose iterative procedures using the
classical Dirichlet-data-tracking approach in solving the numerical examples in the
next section. We will refer to these procedures as Algorithm C.1 for the first-order
method (with shape gradient dJ; in Remark 2) and Algorithm C.2 for the second-
order method (with shape Hessian d?J; given in Proposition 4). Regarding the latter
method, it is worth to mention that a second-order shape optimization method that
utilizes the Dirichlet-data-tracking cost functional J; in Lagrangian-like method has
not been done yet in previous numerical investigations. Hence, this paper is the first
to investigate the feasibility and efficiency of employing the said formulation in a
second-order shape optimization (finite element based solution) procedure for solv-
ing the exterior Bernoulli FBP (1).

5.2 Numerical Examples

The test cases we give below are all performed in two-dimension using the program-
ming software FREEFEM++ (see [45]). All weak formulations described in previous
sections are solved using P2 finite element discretization where the number of dis-
cretization points on the free and fixed boundaries are initially set to Nex; X Nipe =
120 % 100 discretization points. Meanwhile, we use the built-in function movemesh
of FREEFEM++ in perturbing the reference domain Q during the optimization pro-
cess. In addition, we use the function adaptmesh with minimum edge size hp;, and
maximum edge size hmax during mesh adaption to refine and avoid the degeneracy of
the triangles in the meshes. In all examples, we set /iy, = 1/80 and hpax = 1/40 ex-
cept for the third problem where we take Ay, = 1/10 and Ay = 1/5. Moreover, we
terminate the iterations as soon as J(Zg+1)/J(Zo) < 1078 or if the algorithm already
runs for 60 seconds of computing time. Furthermore, in all examples we give below,
the Robin coefficient S is, of course, chosen to be equal to x (the mean curvature
of the free boundary) in Algorithm A.1 and Algorithm A.2, while for Algorithm B.1
and Algorithm B.2 we take 8 = 100. All computations are carried out on a 1.6 GHz
Intel Core i5 Macintosh computer with 4GB RAM processors.

5.2.1 Example 1: Axisymmetric case
We first consider a simple axisymmetric case. Given that C(0,7) and C(0,R) are

the circles centered at the origin with radius r > 0 and R > r, respectively, the pure
Dirichlet problem (problem (4))

—————p:O forr < p<R, u(r) =1, and u(R) =0,
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has the exact solution u(p) =log (p/R)/log (r/R). In this case, d,u(R) = 1/[Rlog (r/R)].
Hence, the exterior Bernoulli FBP (1) with

1
A= —
Rlog(%)

has the unique exact free boundary solution X* = C(0, R). Moreover, the explicit ex-
pression up satisfying (4) on Q, (the annular domain with inner radius » and outer
radius p centered at the origin) is given by

F={xeR?:|x|=r} and , 0<r<R, (65)

log|x|—logp
Q)= ——.
up (L) logr —logp

Similarly, for the mixed Dirichlet-Neumann problem (3) with assumptions given by
(65), the explicit expression for its solution uy is given by

un(Qp) = ﬁplog(%) +1.

Meanwhile, for the mixed Dirichlet-Robin problem (6) with fixed 8 > 0 and A in
(65), the PDE system

————-— —=0forr<p<R, u(r)y=1, and Opu(R) + Bu(R) = 4,

has the solution u = ur (€2,) explicitly given by

1+/lp10g(%) —,Bplog(%)
I-pplog(5)

Thus, when the free boundary is given by £, = {x : |x| = p}, the exact values of the
functionals Jy, J», J3, J4 and J are given by the following expressions:

2
1
Jl(Ep)zzfz u%daznp(l—ﬁplog(%)) ,
‘0

1 (914]3 2 T r 2
Jz(zp)ZEL (%—/l) dUzﬁ(l—ﬁplog(;)) s
’ p

)
)
(11012
1 5 b ﬂPIOg(g) ’ r\\2
J4<Qp)=§fg IV (i — )2 dx = ( L)) (1—Aplog(;)) ,
© P

oz (?)

1 2 r\\?

J(Zp)zzf lun —ur|” do =mp| —————~ (l—ﬂplog(—)) .
%, 1-Bplo (ﬁ) P
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Fig. 1: Variation of the cost functionals J;, J», J3, J4 and J with respect to p

Figure | shows that the algorithms using J;, J», J3, J4 and J are not equivalent.

Next, we evaluate the efficiency of the first-order shape optimization methods
presented in the previous sections (i.e., Algorithm A.1, Algorithm B.1 and Algorithm
C.1) in solving a concrete example of the present test problem. For this purpose,
we let » = 0.3 and R = 0.5 (hence, R* = 0.5), giving us 4 = —3.9152. We choose
the circle centered at the origin with radius 0.6 as our initial guess (i.e., we take
%0 = C(0,0.6)). The results of the convergence tests using Algorithm A.1, Algorithm
B.1 and Algorithm C.1 for values of @ = 0.1,0.3,0.5 are depicted in Figure 2. This
includes the histories of mean radii shown in Fig. 2(a), the histories of relative errors
€x = |Rx — R*| shown in Fig. 2(b), and the histories of cost values (normalized with its
initial value) plotted on logarithmic scale in Fig. 2(c). In these figures, the ‘kth mean
radii,” denoted by Ry, means the average distance from the origin of the nodes on the
exterior boundary of the kth domain €, and X; denotes the kth approximation of
the optimal free boundary Z*. In all cases, the computed values of the cost functions
at Xk that correspond to each algorithm, where K denotes the optimal termination
index (i.e., K := min{k € Ny : stopping condition is satisfied}), are all found to be of
magnitude less than 10-°. Furthermore, the computed relative errors € in all cases
are of magnitude of order 10~*. Meanwhile, we notice from Figure 2(a) that our
proposed formulation coupled with our present numerical scheme with & = 0.3 solves
the solution of the test problem as fast as the Kohn-Vogelius formulation (combined
with the level-set method) used in [ 2] in terms of the number of iterations required
to complete its corresponding iteration process. In fact, our proposed method with
the step size parameter a set to 0.5 is even faster than the said approach used by
Ben Abda et al. in [12]. On the other hand, it is evident from the shown figures
that Algorithm B.1 posseses faster convergence rate than Algorithm C.1. Hence, our
proposed method (without, of course, imposing condition (A)) is more efficient than
the classical Dirichlet-data-tracking approach, at least in solving the present case
problem. In contrary, however, Algorithm A.1 (in which condition (A) is assumed)
converges to the solution of the test problem slower than Algorithm C.1.
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Fig. 2: Histories of (a) mean radii, (b) error values and (c) cost values of Example
5.2.1 for values of @ = 0.1,0.3,0.5 (left, middle and right plots, respectively) using
the gradient based algorithms A.1, B.1 and C.1

Now, we resolve the test problem using Algorithm A.2, Algorithm B.2 and Al-
gorithm C.2. The computational results obtained from these second-order shape op-
timization methods are shown in Figure 3. Looking at the graphs depicted in the said
figure, it seems that our proposed method, with or without condition (A) (respec-
tively, Algorithm A.2, and Algorithm B.2) is faster than the second-order Dirichlet-
data-tracking approach (i.e., Algorithm C.2). In this case, however, Algorithm B.2
and Algorithm C.2 were ran with & = 0.3 while we used the full Newton step (i.e.,
@ = 1) for Algorithm A.2. Again, the computed final cost values, in all cases, are of
magnitude less than 107 and the absolute errors at the final iterate e are all found to
be of magnitude of order 10™*. Notice from the left most plot in Figure 3 that the first
iterate of Algorithm A.2 already overshoots the solution. Even so, the second iterate
is already close enough to the optimal solution as evident in the said plot.

In the next two examples, we further examine the effect of imposing condition (A)
in the shape optimization process. This time we consider two concrete problems that
have non-trivial fixed boundaries. Also, due to the limitation of the proposed shape
optimization method coupled with condition (A) (see Remark 1), we only consider
cases wherein the optimal shape solution are nearly convex. More precisely, for the
first problem, we consider the case when the fixed boundary has a shape like an
inverted letter T. On the other hand, for the second case problem, we consider a fixed
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Fig. 3: Histories of mean radii (left plot), error values (mid plot) and cost values (right
plot) for Example 5.2.1 using the second-order shape optimization algorithms A.2,
B.2and C.2

boundary that has two disjoint components similar to the one examined in [54]. In
these cases, since the exact optimal free boundaries are difficult to solve analytically,
we simply assume X* as the final free boundary computed using finer meshes and at
longer computing times.

5.2.2 Example 2: An inverted T-shaped fixed boundary

Next, we consider I' = 9§ as the boundary of the T-shape
§:=((=3/8,3/8) x(=1/4,0)) U ((—1/8,1/8) x[0,1/4)),

and let 4 = —10. We solve the present problem using algorithms A.1, B.1, A.2, and
B.2. For the first-order methods, we take @ = 0.1 while for the second-order algo-
rithms, we choose @ = 0.9. The results of the computations are shown in Figure 4.
Here, the evolution of the free boundaries with initial profile £y = C(0,0.6) are il-
lustrated in Figure 4(a). Observe from these figures that the evolution of the free
boundaries are clearly different from each other (as expected), especially when the
approximant is closing to the optimal free boundary. Meanwhile, a comparison be-
tween the histories of cost values and histories of Hausdorff distances between the
kth approximation and the (approximate) optimal free boundaries (here, we denote
by dy(Z, %)) obtained from the four algorithms are shown in Figure 4(b) and Figure
4(c), respectively. Looking at these figures, it seems that Algorithm B.1 is converging
faster than Algorithm A.1 at first few iterations, but then the condition is reversed af-
ter 12 iterations. Meanwhile, comparing their corresponding second-order methods,
it appears that Algorithm A.2 and Algorithm B.2 are comparable in terms of conver-
gence speed. On the other hand, the second-order methods are obviously much faster
than the first-order methods as expected. In these numerical tests, the computed cost
values are all found to be of magnitude of order 10~*. Furthermore, the calculated
Hausdorff distances between the final free boundaries obtained from the four algo-
rithms (including the approximate optimal free boundary) are found to be of order
1073, This means that the computed final free boundaries are almost identical.

5.2.3 Example 3: A domain with fixed boundary having two disjoint components

For the third example, we look at one of the test problems studied in [54]. Particularly,
we let 4 = —1.5 and define the fixed boundary I" as the union of two disjoint kite-
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shaped figures which are parametrically defined as follows:
' ={(1+0.7cos0—0.4c0s26,sin6)",0 < 0 < 27},
[?={(=2+cos0+0.4c0s260,0.5+0.7sin0)",0 < 6 < 27}.
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Here, the initial guess X, for the free boundary is taken to be the circle C(0,5.0). In
addition, we again choose @ = 0.1 and @ = 0.9 in the first- and second-order methods.
The results of the computations using algorithms A.1, B.1, A.2, and B.2 are shown
in Figure 5. In particular, Figure 5(a) shows the evolutions of the free boundaries
obtained using the four algorithms while the remaining plots, Figure 5(b) and Fig-
ure 5(c), illustrate the histories of cost values and Hausdorff distances dy(Zg,X"),
respectively. In this problem, it appears that Algorithm B.1 is completely much faster
than Algorithm A.1 as oppose to the previous problem. However, we notice a similar
convergence behavior on the second-order methods as in the previous example. More
precisely, it seems that Algorithm B.2 converges faster that Algorithm A.2 as the ap-
proximant gets closer to the optimal free boundary. Meanwhile, as in the previous
example, the computed cost values are all found to be of magnitude of order 1074,
and the computed final free boundaries are almost identical with each other (i.e., their
Hausdorff distances are computed to be of order 1073).

In the last two examples presented above, the computed final free boundaries
are found to be nearly convex. To complete our numerical investigation, we need to
consider another example wherein the optimal free boundary is clearly non-convex.
For this purpose, however, we focus on comparing our proposed method with that of
the classical Dirichlet-tracking approach (noting, of course, that condition (A) is not
appropriate to take into account in solving this new last and final case problem).

5.2.4 Example 4: A dumb-bell like shape fixed boundary

We consider I' = d D as the boundary of a dumbbell-like domain D similar to the one
examined by Eppler and Harbrecht in [29] which has the following parametrization

D :={(0.45c0s6,0.35in0(1.25 +c0s20))",0 < 0 < 27},

and take A = —10. For this problem, we again choose the circle C(0,0.6) as the ge-
ometric profile of the initial free boundary X(. Moreover, we let @ = 0.3 as the step-
size parameter for the first-order methods and take & = 0.8 for the second-order algo-
rithms. The computational results using algorithms B.1, C.1, B.2, and C.2 are summa-
rized in Figure 6. Looking at Figure 6(a), it is evident that the free boundaries evolve
differently from each algorithm. In particular, referring to the results of the first-order
methods shown in the other plots (Figure 6(b) and Figure 6(c)), it seems that our pro-
posed method is somewhat faster than the classical Dirichlet-data-tracking approach.
Regarding second-order methods, however, it looks like that the classical approach is
converging faster than the Dirichlet-data-gap tracking formulation. In fact, as early as
the second iterate, the classical Dirichlet-data-tracking approach was already able to
detect the non-convexity of the optimal free boundary. Nevertheless, as the approxi-
mants get closer to the optimal free boundary, we observe that the proposed method
then converge faster than the classical approach (at least based on the right plot de-
picted in Figure 6(c)). Even so, the computed optimal free boundary obtained from
the two formulations are almost identical as evident in Figure 6(d) (in fact, the com-
puted Hausdorff distance between the computed final free boundaries obtained from
the two formulations has magnitude of order 10~3). Lastly, in all cases, the computed
cost values are all found to be of magnitude of order 107> or lower. However, as we
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see in the right plot in Figure 6(b), it seems that the cost functional J is less sensi-
tive than the Dirichlet-data-tracking cost functional Jj in this example. We further
explain this property of the cost function below, giving emphasis on the notion of ill-
posedness of the proposed formulation “ming J(X) subject to (7) and (8)” discussed
in Subsection 3.5.

Sensitivity of the cost functionals J and J;. We conclude our numerical example
by discussing the effect of the step size parameter @ in the ‘sensitivity property’
of the cost functionals J and J;. As pointed out at the end of subsection 5.1.4, the
main purpose of introducing a step size parameter in our second-order methods is
to control the magnitude of the step size (i.e., to limit the maximum step) at every
iteration. Recall that, at the kth iterate, we only accept the step size #; only if it
provides a decrease in the cost value (i.e., if J(Zx+1) < J(Zg)); otherwise, we do a
backtracking procedure. In our numerical experiments, we observe that taking a full
Newton step at every iterate is not a good strategy at all because the cost functional J
(as well as J;) seems to be insensitive with respect to large geometric perturbations.
For illustration, we refer to Figure 7(a) where we logarithmically plot the histories
of cost values obtained from resolving the present case problem using Algorithm
B.2 and Algorithm C.2 with the full Newton step 7 = ||V||I%I1(Qk)/||W||fll(Qk) (.e.,
a = 1.0). Noticeably, several adjacent iterations differ only with very small values
(and almost insignificant). Hence, the non-uniform sensitivity of the cost with respect
to the descent directions. This observation can actually be viewed as a validation to
our findings that the present formulation is algebraically ill-posed (see Proposition
5 and Remark 7). That is, in this case, the ill-posedness of the present optimization
formulation could also mean that larger deformations in the domains may have little
effect on the cost functional. On the other hand, the evolution of the free boundaries
with the full Newton step are shown in Figure 7(b) while a comparison between
the computed free boundaries using the two second-order algorithms is depicted in
Figure 7(c). In the latter figure, the difference between the two computed geometries
is clearly discernible and, in this case, the final free boundary computed through the
classical approach (i.e., Algorithm C.2) is more accurate than the one obtained via the
proposed method (i.e., Algorithm B.2). Meanwhile, scaling the (full) Newton steps
by a factor of @ = 0.2 at every iteration (in both Algorithm B.2 and Algorithm C.2)
lead to the computational results shown in Figure 8. The figure shows, in particular,
the histories of cost values and Hausdorff distances both plotted in Figure 8(a) (left
and right plot, respectively). Referring, in particular, to the left plot shown in Figure
8(a), it is clear that the costs J and J; are decreasing almost uniformly from the initial
to their respective final values. However, it is apparent from the figure that the cost
J is more sensitive (and therefore has higher convergence behavior) than J;. In fact,
because the number of iterations required by Algorithm B.2 to reach the optimal free
boundary is less than that of Algorithm C.2 (as evident in the right graph plotted in
Figure 8(a)), we can conclude that the proposed method is indeed much faster than
the classical Dirichlet-data-tracking approach. This observation is, of course, also
evident from the evolution of the free boundaries shown in Figure 8(b) wherein we
recognized a big difference on how the two algorithms actually develop the initial free
boundary into an optimal one. We mention here that we also ran the two algorithms
using several other values for @ between zero and the unit value (to solve the present
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case problem), and, as in the previous cases, we found that the proposed method is, in
general, faster that the classical approach of minimizing the Dirichlet-data-tracking
cost functional. Nevertheless, the cost function J becomes more insensitive than J;
as the step size parameter @ increases in value.

6 Conclusion

We presented a second-order shape optimization algorithm for solving the exterior
Bernoulli free boundary problem using a new boundary cost functional which mea-
sures the L?-gap at the free boundary of two auxiliary states, one of which is a solu-
tion of a mixed Dirichlet-Neumann problem and the other of which satisfies a mixed
Dirichlet-Robin problem. The novelty of the present investigation is the utilization
of the shape Hessian information at the solution of the free boundary problem in the
iterative scheme formulated to numerically solve the minimization problem. Numer-
ical results revealed that the first- and second-order shape optimization methods put
forward in this study is, in general, faster than the classical approach of tracking the
Dirichlet data in L? sense. Thus, in this investigation, the robustness of the proposed
method was shown not only theoretically but also numerically.
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A Shape Derivative of the Adjoint State py

Let us first introduce some notations and present some properties of the operator 7; (see Section 3) that will
be useful to our analysis. For ¢ € (0, &) (¢ > 0 sufficiently small), the transformation 7} is invertible and
T,,T[' € 2V (R% R?) (see, e.g., [10, Lemma 11]). In addition, the Jacobian matrix of the transformation
T; = T; (V) associated with the velocity field V denoted by det DT (X) is strictly positive. Here, we
shall use the notations (D7;)~" and (DT;)~T to denote the inverse and inverse transpose of the Jacobian
matrix DTy, respectively. Also, for convenience, we write A; = det DT; (X )(DT;I)(DT,)"r and w; =
det DT;(X)|(DT;)™"n| which represent the Jacobian matrix of Ty with respect to the boundary 6Q.
The following lemma, whose proof can be found in [22,71], will also be essential to our analysis.

Lemma A.1 Let V be a fixed vector field in © (see (9)) and I = (—ty, ty), with ty > 0 sufficiently small.
Then, the following regularity properties of Ty hold

(i) t+ det DT, (X) e C1 (I, C(Q)) () t— A; eClI,Cl(Q)
(i) ¢ w; € CLHI,C(2)) (iv) limpsow, = 1
d d
) Frd lt=0 = w’(0) = divgV (vi) aAt l=0 = A’(0),

where A'(0) = (divV)Ih — (DV + (DV)7) and the limits defining the derivatives at t = 0 exist uniformly
inx eQ.

Before we derive the shape derivative of pn, and for completeness, let us first prove the unique solvability
of the adjoint problem on the perturbed domain Q;.
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Fig. 7: Computational results of Example 5.2.4 using Algorithm B.2 and Algorithm
C.2 with the full Newton step (i.e., @ = 1.)
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Fig. 8: Computational results of Example 5.2.4 using Algorithm B.2 and Algorithm
C.2 with the scaled full Newton step (i.e., @ = 0.2)

Lemma A.2 For any t > 0 sufficiently small, the variational problem: find pI{I € H'(Q) such that p{\] =0
onT and

f A,VpI{I~Vgodx—fw,uf\It,od0':0, Vo eHr1 0(€). (66)
Q z ’
admits a unique solution pl in H L.

Proof We first note that the variational problem being examined is obtained from the problem: find pn; €
H'(Q,) such that pNe =0onT and

fg Vpne - Vepdx, - fz unppdoy =0, Ve € HY (), ©7)
t t

via the application of domain and boundary transformation formulas (see, e.g., [7 ], Proposition 2.46-2.47]).
In fact, the functions ¢; : Q; — R and ¢’ : Q — R are related through the equation ¢’ = ¢, o T;. Hence,
if pny solves the variational equation (67), then plt\l = pNy o Ty satisfies (66). In addition, the boundary

condition p{; = pny o7 = 0 on T implies that p{ is actually in Hll 0(Q).
Now, consider the bilinear form b, (-, -) : HlL O(Q) — R defined by

bi(@'0)= [ 4SO Tedx, volg < HY (@ ©8)
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Note that, as a consequence of Lemma A.1, A; is bounded. Hence, it is clear that b, (-, -) is continuous
because [by (¢, ¢)| = | o A V6" -V dx| 5 IAr =@ 16" 571 ) 1915710y - Moreover, by (-, ) is co-
ercive. Indeed, from the fact that A; — I uniformly on Q as t — 0, we know that there exist sufficiently
small values for ¢ > 0 such that ||[A; —I||L~q) < 1. So, we have

bt(¢‘,¢‘):fA,V¢’~V¢tdx:‘f (Ar —DVo' Vo' + Vo' |*dx
Q Q

> 190" 172 gy = 1A =Tl IV 175 6,

2 Vo' 31 q)-

Next, we consider the functional w : Hll O(Q) — R defined by (w, ¢) = fz Wy uf\lcp do. Evidently, this
functional is continuous because of the boundedness of |w; |« and due to the sequence of inequalities

fw, uﬁ,q)do—
b

Thus, by Lax-Milgram theorem, the function pIt\I’ vanishing on I, is the unique solution to the variational

< we o el 205, el 205y < 1w leo it g1y 1 g1 -

equation (66) in H'(Q). This proves the lemma. m]
Proposition A.1 Ler Q be a bounded C*' domain. The shape derivative of the adjoint state variable
PN € H3(Q) ar Q = QF satisfying the mixed Dirichlet-Neuwmann problem (16) is a solution to the following
mixed boundary value problem:

—Ap{w =0in Q°, paw =0onT, Onpiw =ugw +AW -non X
Proof The proof mainly contains two parts; we first prove the existence of the material derivative of py,
then we formally proceed on the derivation of its shape derivative.

Step 1. Existence of the material derivative of pn. The variational formulation of (16) on the reference
domain Q is given as follows: find pN € Hll 0(€2) such that

prN~Vgadx—fuN¢d0'=0, Vo € HL (). (69)
Q z ’

Subtracting (66) with ¢ = 0 from the case where ¢ > 0, for all ¢ € Hrl O(Q), we obtain

f{Ath{\I—VpI{I+VpI’\I—VpN}-chdx—f{w,uﬁl—u1{1+u{\1—uN}cpd0':0.
Q 2

Hence, we have a unique solution pI{I —-PN € Hll o(€) to the variational equation

fV(pI{]—pN)-Vapdx=—f(A,—I)fo\,-V(pdx+f(w,—l)uﬁgad0'+f(uf\l—uN)<pd0', (70)
Q Q = b

forall ¢ € Hll 0(€2). We note that Vpl’\I is uniformly bounded in L?(Q;R?) and we have the convergence

Vplt\l — Vpn also in that space. Indeed, using the boundedness of ||A; ||z~ ) from below, we get the
estimate

IVPEI2 2 ) < fg A:Vp - Vpldx = fz wethphdor < 1w oo ek g1 o 19K 1120y -

Because ult\l is uniformly bounded in H'(Q) (cf. [10, Theorem 23], see also [50), Proposition 3.1]), the
uniform boundedness of VpI‘\I in L2(E;R?) immediately follows, and so the convergence VpI’\I — Vpn in

L2(©;R?). Next, we divide both sides of (70) by ¢ and denote ¢* := 1 (p{ — pn) to obtain

_ - ul —u
qub’-V(pdx:—f (At I)Vplz-thdx+f(Wt l)ult\ltpd0'+f NN ¢do,
Q o\ ! z t p) t
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for all ¢ € Hr] 0(€2). We choose a sequence {z, } such that 7,, — 0 as n — co. Our goal is to show that
the limit lim,,, ¢* exists. Using the boundedness of i (A;-1) and i (wy — 1) in L™, we deduce that

Vplt\l" is bounded in L2(Q;R?), and thus the boundedness of ¢’ in Hll 0(€2). Hence, we can extract a
subsequence, which we still denote by {t, }, such that lim,, . ¢, = 0. Moreover, there exists an element

¢ of Hll,o(Q) such that ¢'n — ¢ weakly in Hll,o(Q)‘ From the convergences Vp;" — Vpy in L2(Q;R?)

and u'™ - un in L2(2), together with Lemma A.1(v)—(vi), we get

N
fV¢-V(,odx:—fAVpN-V‘pdx+fuNt,0diV;Wd0'+fuNcde',
Q Q ) )

forall ¢ € Hll O(Q), where 1N = lim,\ o %(uf\l —uyN) which is exactly the material derivative of uy att =0
in the direction W. This function exists and is actually an element of Hll O(Q) as shown, for example, in

[9]. Hence, the above equation admits a unique solution in H'(Q) and we deduce that ¢ — ¢ for any
sequence {f,, }. This implies the strong convergence of ¢’ to ¢ in L2(2). Now, taking ¢ = ¢’ € Hrl 0(Q),
we obtain ’

_ _ Altn) -1 , W(tn)—1
th |2 —_ n n | th tn ytn
Jimo 107 i) = zl}fo{jg‘z( I )VPN Ve dx}+t1,”30{f):( . )“N ¢ d(’}

In
uy' —uN
+ lim {f(N )([)t" dO’}
th—0 T n
:—fAVpN-V¢dx+fuN¢div2Wd(r+fz,'tN(pd(r:|¢>|H1(Q).
Q z z

The norm convergence and the weak convergence of ¢ in Hrl o(€) implies the strong convergence of
¢'nto ¢ € Hll (). This guarantees the existence of the material derivative of pN.

Step 2. Computing the shape derivative of px at Q = Q* along the deformation field W. From the pre-
vious step, we showed the existence of the material derivative of pN in Hrl 0(€2). Denoting this derivative
by pN, we know that it satisfies the variational equation

prN~V<pdx:—fAVpN-V<pdx+fuNcpdinWd0'+fL'tmpd(r, V<p€H110(Q). (71)
Q Q z z ’

In addition, it is clear that pn = 0 on I'. Applying Green’s formula to the above variational form, we get

—fgoAdex+f¢6nde0':fgodiV(AVpN)dx—ft,aAandeo'
Q P Q X
+fuNgodivsz0'+f1}thpd0', VnpeHll 0(€2).
b b ’

First, let us choose ¢ € H& (). Then, we have —fQ @Apndx = fﬂ @div(AVpN)dx. Since, H(} Q)
is dense in L2(Q), we obtain —Apn = div(AVpy) in Q. Next, we choose ¢ € Hrl () such that ¢ is
arbitrary in X. This gives us ’

f<p6np'Nda':—f<pA6nde0'+fuNgadivszO'+fuN<pda'.
b b b b

Because the traces of functions in Hll O(Q) are dense in L2(X), we arrive at OnPN = —AOhpN +undivs W+
1y on T. Summarizing these results, we see that py satisfies the following boundary value problem:

—ApN =div(AVpy) in Q, pn=0onT, OnPN = —AOnpN +undivs W +1iN on X.
From above equations, and due to the fact that W vanishes on I', we immediately obtain (in view of the

identity (12)) pI’\I =pn—W Vpn =0onT. Now, we consider ¢ € H?(Q). Note that for C!-! domain, we
have that uy € H2(Q) (see [10, Theorem 29] and also [50]). Hence, ux € H3/2(Z) which, in turn, means
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that py € H?(Q) by standard elliptic regularity theory. Given this regularity of pN and since —ApN =0 in
Q, we can therefore write — fQ AVpN - Ve dx as follows (see [50, Lemma 4.1])

—f AVpN -Vedx = f V(W -VpN) -Vedx + f hpN(W -Vo)do - f (Vpn - Vo)W -ndo, (72)
Q Q b b
for all ¢ € H?(Q). Hence, using the identity (12), we have the equation

fV[')N~V<pdx:fVp{\I'thdx+fV(W~VpN)~V<pdx, V(peHllo(Q).
Q Q Q ’

Combining this equation with (71) and (72) yields

fV(W~VpN)~V<pdx+f(')npN(W-ch)d0'—f(VpN~V¢,0)W~nd0'+fuN<pdiv2Wd0'+fuNcpd0'
Q z z z T
=pr{\I-thdx+fV(W-VpN)-V<pdx, Vo € H2NHL (.
Q Q ’

Applying Green’s formula on the right side of the above equation we arrive at

—fcpApf\Idx+f<p3np{\Id0':fﬁnpN(W~V<p)d0'—f(VpN'V<p)W~ndo'
Q ) b b
+fuN<pdiv2Wd0'+fuNcpd0', VgoeHzﬂHrl 0 ().
z z ’

Now, we choose ¢ € CS"(Q). This leads us to —Apf\l =0 in Q. Moreover, we get

fcpanp&da:f(uNW—VpNW-n)~Vgad0'+fuNgodivsz0'+fL'tNgodO'.
b b} b b

Observe that (uxW — VpNyW -n) -n = 0. Hence, we can replace Vyls by the tangential gradient Vye.
Using the tangential Green’s formula (see equation 21) thrice, noting that W -nVgpy - n = 0, and then
using the relation un = uI’\I + W - Vuy, we obtain

fcpanpf\]da':f<pdivz(VpNW~n)d0'+fuN<pd0'
p) ) b
:f(pk(VpNW-n)-ndcr—f(Vzgo-VpN)W-nda'+fuN¢pd0'
) b p)
:fcpKuNW-ndO'—f(V;cp~Vsz)W~nd0'+fuN<pd0'
) p) p)

:f<pKuNW-nda'+fwdivz(VszW-n)do'+f(uI'\I+W-VuN)<pd<T,
b b =

for all ¢ € H?n Hll ¢(€2). Since the trace of functions from H2(Q) is dense in L2(X), we deduce the
boundary condition on for p{; given by Onpy; = divs(VspNnW -n) + kunW -n +uf + W - Vuy. Summa-
rizing these results, and letting Q = Q*, we get

—-Apy =0in Q7 py=0onT, Oaply = g+ AW -mon T,
as desired. m]

It is worth remarking that the existence of the shape derivative pl’\l of pN can only be justified if uy is

H 3—regular. Hence, we require that Q be at least of class C?%1 50 that uy (as well as ug) is in H>(Q) (see,
e.g., [10, Theorem 29]).
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