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Investigation of Genetic Algorithm Using Self—organizing Map

KAN SHEN," FEI ZHAl* and EISUKE KITAf

This paper describes Self-Organizing Maps for Genetic Algorithm (SOM-GA) which is the
evolutionay algorithm by using self-organizing map. The search performance of the SOM-GA
is compared with the real-coded genetic algorithm (RCGA) on three test functions. The
results show that the present algorithm has better search performance than the RCGA.
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Fig.1 SOM-GA conceptual diagram.
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